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Analytic Solutions of Model Predictive Current
Control for SPMSM Drives
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Abstract—In this article, we present analytic solutions for model
predictive control (MPC) applied to the current control of surface-
mounted permanent magnet synchronous motor drives. A key
challenge in applying MPC to motor current control is solving
the constrained optimization problem in real time. To address
this, we develop an explicit procedure based on planar geometric
projections to solve the problem efficiently. The correctness of our
method is validated through comparisons with standard numeri-
cal solvers. Experimental results demonstrate that our algorithm
can be implemented on low-cost hardware with rapid execution,
supporting long prediction and control horizons while delivering
fast dynamic response and low total harmonic distortion at steady
state. These advantages make it suitable for both high-speed servo
systems and budget-sensitive applications.

Index Terms—Analytic solutions, model predictive control
(MPC), surface-mounted permanent magnet synchronous motor
(SPMSM).

I. INTRODUCTION

P ERMANENT magnet synchronous motors (PMSMs) are
widely used in modern industry due to their high power den-

sity, fast dynamic response, and excellent energy efficiency [1].
Typically, PMSMs are controlled using a cascade structure [2],
[3], where mechanical variables such as velocity and torque are
regulated by an outer loop, while the inner loop controls the
current, addressing their distinct time scales. The inner current
controller plays an important role in ensuring a prompt dynamic
response and maintaining high efficiency across various operat-
ing conditions.

Proportional-Integral (PI) algorithm is commonly employed
for current control in PMSMs due to its simplicity and low
computational demand [2], [3], [4]. Recently, model predictive
control (MPC) has seen significant advancements in power
electronic system control [5]. MPC strategies for PMSM control
can be broadly categorized into direct and indirect approaches.
Direct MPC generates switching signals for power electronic
devices directly, as seen in finite control set (FCS) MPC [6],
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[7], [8]. However, the FCS-MPC methods have an intrinsic
drawback of variable switching frequency, resulting in undesir-
able harmonics at steady state. Some methods such as [9], [10]
tries to mitigate this problem by using optimization algorithm.
However, this issue cannot be fully eliminated, especially when
long prediction horizon is used, as discussed in [11]. Indirect
MPC, in contrast, produces voltage commands that are fed
into a modulator using modulation techniques like space vector
pulsewidth modulation (SVPWM), thus masking the inverter
switching actions. For indirect MPC, the current reference track-
ing problem can be formulated as a constrained optimization
problem with continuous-time control input at each sampling
instant.

Solving this optimization problem in real time can be ac-
complished using off-the-shelf solvers [12], [13], [14], but this
approach imposes heavy computational demands and requires
advanced hardware. Explicit MPC (EMPC) reformulates the
constrained optimization as a multiparametric Quadratic Pro-
gramming (mp-QP) problem, where the optimal controls are
expressed as piecewise affine functions of the parameter state.
By precomputing these solutions offline and storing them in
memory, EMPC enables rapid real-time control at high sampling
frequencies [15], [16], [17], [18], [19]. However, EMPC be-
comes challenging with longer prediction and control horizons,
even when solved offline, as these horizons are often desired for
better control performance [20]. This difficulty arises from the
exponential growth in computational complexity as the problem
size increases.

In recent years, there have been remarkable advancements in
MPC-based controller design for power electronic applications.
Martin et al. [21], [22] proposed analytical solutions for a contin-
uous control set MPC problem, significantly enhancing reliabil-
ity, and reducing computational burden. However, these methods
are limited to one-step MPC formulations and, therefore, do
not fully exploit the inherent advantages of MPC with longer
horizons. Cimini et al.[23] represented the latest advancement
in the application of EMPC for power electronic systems. It relies
on online optimization with increased computational burden
and limits the feasibility of using longer prediction horizons.
To summarize, the performance of the MPC is mainly affected
by the controller structure, the computational capability, and
the length of the predictive horizon. These factors are usually
conflicting in practice. For commercial motor drives in the
industry, it is demanding to develop an explicit MPC method
with a fast dynamic response but at a moderate cost.
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In this article, we present analytic solutions to the constrained
optimization problem in MPC, applied to the current con-
trol of surface-mounted permanent magnet synchronous motor
(SPMSM) drives. Our approach provides a computationally
efficient method for determining the control commands of the
MPC in real time through simple planar geometric projections.
The main advantages of our MPC solution are as follows:

1) All computations are performed using analytic solutions,
which require only low computational resources and can
be executed rapidly, make it suitable for both high-speed
servo systems and budget-sensitive applications.

2) Long prediction and control horizons can be employed
to achieve faster dynamic response as well as lower total
harmonic distortion (THD) at steady state.

The correctness of our solution is validated by comparisons
with established numerical solvers. Experimental results demon-
strate that our algorithm can be implemented on low-cost hard-
ware with short computation time, while achieving fast dynamic
response. These advantages make it suitable for both high-speed
servo systems and cost-sensitive applications.

II. BACKGROUND

In this section, we present some necessary backgrounds.

A. Mathematical Model of SPMSM

The continuous time current model of PMSM in the rotor
coordinate is

d

dt
i(t) = Aci(t) +Bcu(t) + gc (1)

where

Ac = −L−1
s

[
Rs −Lqω
Ldω Rs

]
, Ls =

[
Ld 0
0 Lq

]

Bc = L−1
s , gc = −L−1

s

[
0
1

]
ωψf .

Here, i is the stator current, u the stator voltage, Ld the d-axis
inductance, Lq the q-axis inductance, Rs the stator resistance,
ω the electrical angular velocity, and ψf the permanent magnet
flux linkage. In this article, we only study the SPMSM drives
and thus Ld = Lq .

Discretizing (1) with zero-order holder yields

ik+1 = Fik +Buk + g (2)

where

F = eAcTs

B =

∫ Ts

0

eAc(Ts−τ)Bcdτ = A−1
c (eAcTs − I)Bc

g =

∫ Ts

0

eAc(Ts−τ)gcdτ = A−1
c (eAcTs − I)gc (3)

and Ts is the sampling period. Denote the current at the
steady state as ī and the voltage as ū. From (2), we have ī =
F ī+Bū+ g, and therefore ū = B−1[(I − F )ī− g]. Letting

xk = ik − ī and vk = uk − ū, we obtain a model with no drift
input

xk+1 = Fxk +Bvk. (4)

B. Multiparametric Quadratic Programming (mp-QP)

The mp-QP problem is presented as follows (See [19] for
more details):

min
µ

J =
1

2
µTHµ (5a)

s.t. Gµ ≤ Sx0 +w (5b)

where µ is the optimization variable, and x0 is taken
as a parameter. To solve this problem, we form the La-
grangian as L = 1

2µ
THµ+ λT (Gµ− Sx0 −w), where λ is

the Lagrange multiplier. The Karush–Kuhn–Tucker optimality
conditions for the mp-QP are given by

Hµ∗ +GTλ∗ = 0, λ ∈ Rm (6a)

λ∗
i (Giµ

∗ −wi − Six0) = 0, i = 1, . . . ,m (6b)

λ∗ ≥ 0 (6c)

Gµ∗ −w − Sx0 ≤ 0. (6d)

The primal feasibility condition (6d) can be split into active
and inactive constraint parts

GAµ
∗ − SAx0 = wA (7a)

GNAµ
∗ − SNAx0 < wNA (7b)

where A and NA are the index sets for active and nonactive
constraints, respectively. Let λ∗

NA and λ∗
A denote the Lagrange

multipliers corresponding to inactive and active constraints,
respectively. We can obtain that

λ∗
A = − T d(wA + SAx0) (8)

µ∗ = −H−1GT
Aλ∗

A (9)

where T d = (GAH
−1GT

A)
−1. For active constraints, we have

λ∗
A ≥ 0 and the dual feasibility region is

PA
d = {x0 | λ∗

A ≥ 0} = {x0 | T dSAx0 ≤ −T dwA} . (10)

For inactive constraints, we have λ∗
NA = 0 and the primal

feasibility region is

PA
p = {x0 | (T pSA − SNA)x0 < wNA − T pwA} (11)

where T p = GNAH
−1GT

AT d.
We have the following definition and properties from [19].
Definition 1: Define the critical region CRA as the set of all

parameters x0 such that the active constraints are indexed by A
at the optimum.

Property 1: CRA is the intersection of PA
p and PA

d ,
i.e., CRA = PA

p ∩ PA
d .

Property 2: For any two neighboring full-dimensional
critical regions CRAi

and CRAj
, we have Ai ⊂ Aj and

|Ai| = |Aj | − 1, or Aj ⊂ Ai and |Aj | = |Ai| − 1, where | · |
denotes the cardinality (i.e., number) of a set.
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C. Model Predictive Control

MPC is an advanced control strategy that is successfully
applied across various industries. It utilizes a discrete-time plant
model, such as (4), to predict future system outputs {xk+1, · · · ,
xk+Np

} from a series of control inputs {vk, · · · , vk+Nu−1},
where Np and Nu are prediction and control horizons, respec-
tively. The control objectives are encoded into a cost function
such as that in (5a) with constraints in (5b).

The central idea of MPC is a receding horizon type of con-
trol. At each sampling instant, the outputs are measured and
the constrained optimization problem is solved. The measured
outputs are also compared with the predicted ones to generate
error signals that are fed into the model to enhance the prediction
accuracy and eliminate any offsets. At the next sampling instant,
the first control input from the optimization is applied to the
plant, and the whole procedure is repeated for newly measured
outputs. As time progresses, the prediction and control horizons
shift forward, continuously updating the control strategy.

MPC offers superior control performance with fast response
times and strong robustness against uncertainties. However, the
requirement for online optimization at each sampling instant can
be computationally intensive, especially for larger problems or
systems with complex constraints. This computational burden
can restrict the prediction and control horizons and limit the
feasibility of MPC in high-speed systems or on low-cost hard-
ware platforms.

III. MP-QP FORMULATION FOR SPMSM PREDICTIVE

CURRENT CONTROL

We now show that the predictive current control for SPMSM
can be formulated as an mp-QP problem that needs to be solved
in real time at each sampling instant.

To achieve a given reference current iref, we can choose the
steady state current ī = iref and then the current tracking error
xk = ik − iref. The mathematical model of SPMSM is repre-
sented by (4). The current set-point tracking can be formulated
as the following least quadratic regulation (LQR) problem

min
vk

J0 =

N∑
k=1

1

2
xT
kQxk +

N−1∑
k=0

1

2
vT
kRvk (12a)

s.t. xk+1 = Fxk +Bvk, k = 0, 1, . . . , N − 1 (12b)

x0 = i(0)− ī (12c)

vk ∈ Uk, k = 0, 1, . . . , N − 1 (12d)

xk ∈ Xk, k = 1, . . . , N, (12e)

where Q and R are positive semi-definite matrices.
From the receding horizon nature of MPC, we always take the

current time instant as t = t0 and consider the N future control
actions v0, . . . , vN−1 and the resulting states x1, . . . , xN . In
the cost function (12a), minimizing the term

∑N
k=1

1
2x

T
kQxk

will reduce the tracking errors, effectively driving the current
to track iref, and the term

∑N−1
k=0

1
2v

T
kRvk represents a penalty

on the control action. Equation (12b) is the dynamical equation
of the current tracking error in dq-axis, and i(0) in (12c) is the

measured current at the present moment. In (12d) and (12e), Uk

and Xk are the constraints for vk and xk, respectively.
The MPC algorithm needs to solve the constrained optimiza-

tion problem (12) based on the measured current i(0) in real
time, and to apply only the first control v0. The same procedure
will be repeated at each sampling instant as time evolves. In
the rest of this section, we will first discuss the details of the
constraints for the inputs and states, and then translate (12) into
an mp-QP problem.

A. Constraints on the Control Inputs

Consider a motor driven by power electronic devices us-
ing SVPWM, a widely applied modulating scheme. To fully
utilize the control boundary within the SVPWM scheme, the
constrained set for the input voltage uαβ is a regular hexagon
defined by {uαβ ∈ R2 | Auuαβ ≤ bu}, whereAu ∈ R6×2 and
its mth row is

Am
u =

[
cos 2m−1

6 π, sin 2m−1
6 π

]
, m = 1, . . . , 6 (13)

and bu =
√
3
2 b16, b = 2

3Vdc, 16 is the vector in R6 whose the

elements are all 1. The equationAm
u uαβ =

√
3
2 b defines an edge

of the regular hexagon, where Am
u gives its unit normal vector,

and the distance from the origin to this edge is
√
3
2 b.

To transform this constraint fromαβ-frame into dq-frame, we
suppose that at the present moment the motor angular position
is θ and the velocity ω. Because udq = R(−θ)uαβ , the voltage
constraints can then be represented by AuR(θ)udq ≤ bu.

Equation (12d) represents the voltage constraints on all the
future time instants from t0 to tN−1. We now transform them
into a vector form. Because the time scale of electrical part is
much smaller than that of mechanical part, the angular position at
future time instant t0 + kTs can be approximated by θ + kωTs,
where k = 0, 1, · · · ,N − 1. Therefore, the constraints on future
input voltages are

AuR(θ + kωTs)uk ≤ bu. (14)

Letting

Av = diag{AuR(θ),AuR(θ + ωTs)

· · · ,AuR(θ + (N − 1)ωTs)} (15)

we can rewrite (14) collectively as

AvV 0 ≤ 1N ⊗ bu −Av(1N ⊗ ū) (16)

where V 0 = [v0, · · · , vN−1]
T , and ⊗ denotes the tensor

(aka Kronecker) product. The constraints on all the control
voltages at future time instants in (12d) can now be represented
by (16).

B. Constraints on the Future States

In motor control, it is common practice to impose a bound
on the magnitude of the current vector. When this bound is
exceeded, a protective mechanism is activated to safeguard the
motor. We assume the current vector is constrained within a
circle, i.e., ‖i‖2 ≤ Imax, where Imax represents the bound. To
simplify the analysis, we approximate the circular boundary
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using a regularNi-gon, defined by {i ∈ R2 | Aii ≤ bi}, where
Ni is a large integer, Ai ∈ RNi×2, and its nth row is

An
i =

[
cos 2n−1

Ni
π, sin 2n−1

Ni
π
]
, n = 1, . . . , Ni.

Here, we selectNi = 12 to tradeoff the approximation accuracy
and constraints complexity. Then, the future tracking errors xk

has to satisfy

Aixk = Aiik −Aiī ≤ bi −Aiī � bx (17)

where k = 1, · · · , N . From (12b), xk can be obtained as

xk = F kx0 + F k−1Bv0 + · · ·+Bvk−1.

Putting all the equations of xk together, we can obtain⎡
⎢⎢⎢⎣
x1

x2

...
xN

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
X

=

⎡
⎢⎢⎢⎣

F
F 2

...
FN

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
Sx

x0+

⎡
⎢⎢⎢⎣

B
FB B

...
. . .

. . .
FN−1B · · · FB B

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
Su

⎡
⎢⎢⎢⎣

v0

v1

...
vN−1

⎤
⎥⎥⎥⎦

︸ ︷︷ ︸
V 0

.

(18)

The constraints in (17) can be compactly written as

(IN ⊗Ai)X = (IN ⊗Ai)(Sxx0 + SuV 0) ≤ 1N ⊗ bx

where IN is the identity matrix in RN×N . Since future states
are generated by future control voltages, this constraint can in
turn be transformed to constraints on the voltage vector V 0:

(IN ⊗Ai)SuV 0 ≤ −(IN ⊗Ai)Sxx0 + 1N ⊗ bx. (19)

The constraints on all the states at future time instants in (12e)
is now characterized by (19).

C. mp-QP Problem Formulation

We now combine the two constraints in (16) and (19) as

GV 0 ≤ Ex0 +w (20)

where

G =

[ Av

(IN ⊗Ai)Su

]
, E =

[
0

−(IN ⊗Ai)Sx

]

w =

[
1N ⊗ bu −Av(1N ⊗ ū)

1N ⊗ bx

]
. (21)

For simplicity, MPC implementations often selectQ andR as
diagonal matrices with identical diagonal entries. In particular,
let Q = 1/s2BI and R = rI . Here, sB is a constant determined
by the motor’s physical parameters [as will be defined in (25)],
making r a tuning parameter. Substituting these two equations
and (18) into the cost function J0 in (12a), we get

J0 =
1

2s2B
X TX +

r

2
V T

0 V 0

=
1

2s2B
(Sxx0 + SuV 0)

T (Sxx0 + SuV 0) +
r

2
V T

0 V 0

=
1

2
V T

0 HV 0 + xT
0 MV 0 +

1

2
xT
0 Y x0

where H = ST
u Su/s

2
B + rI , M = Sx

TSu/s
2
B , and Y =

Sx
TSx/s

2
B . Letting µ � V 0 +H−1MTx0, we can get

J0 =
1

2
µTHµ+

1

2
xT
0 (Y −MH−1M)x0. (22)

The initial state x0 is obtained from measurement, and thus the
second term in (22) is a constant and can be discarded from the
optimization. We can now transform the LQR problem in (12)
to an equivalent mp-QP problem as follows:

min
µ
J =

1

2
µTHµ (23a)

s.t.Gµ ≤ Sx0 +w (23b)

where S = E +GH−1MT .

D. Properties of F and B

For the SPMSM under study, we let Ls = Ld = Lq . The
matrices F and B in (3) can both be expressed as a rotation
matrix multiplied with a scalar (SRM). Explicit computation
yields that

F = e−
RsTs
Ls

[
cosωTs sinωTs
− sinωTs cosωTs

]
= sFR(−ωTs) (24)

where sF = e−
RsTs
Ls < 1, andR(·) is the rotation matrix. Hence,

F is the product of rotation matrix R(−ωTs) and the scalar sF .
We can also show that B = sBR(θB), where

sB =

√
e−2Rs/LsTs − 2e−Rs/LsTs cosωTs + 1

R2
s + ω2L2

s

θB = atan2
(
e−

RsTs
Ls (ωLs sinωTs −Rs cosωTs) +Rs

e−
RsTs
Ls (ωLs cosωTs +Rs sinωTs)− ωLs

)
(25)

and atan2 is the four-quadrant tangent inverse. Then B is the
product of rotation matrix R(θB) and the scalar sB . It is clear
that both F and B are 2×2 SRMs and they satisfyF TF = s2F I
and BTB = s2BI . An important property for F and B is that
they commute, i.e., BF = FB. In later discussions, we will
see that this property makes it possible to derive the analytic
solutions.

IV. ANALYTIC SOLUTIONS TO PREDICTIVE CURRENT CONTROL

We begin by presenting our analytic procedure for solving
the control commands of the MPC applied to SPMSM cur-
rent control, followed by the mathematical derivations. This
approach provides readers with a clear idea on how to implement
the algorithm. While the derivation process is complicated, the
resulting control algorithm is simple and easy to implement.
For readers not interested in the detailed mathematical steps,
the analytic solution can be directly applied to control the motor
by following the procedures presented in Section IV-A, without
needing to delve into the underlying mathematics.
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Fig. 1. Block diagram for analytic implementation of MPC for SPMSM
current control.

Fig. 2. (a) Geometric interpretation of MPC implementation in the plane of
motor currents; (b) The detailed distribution of critical regions.

A. Analytic Implementation of MPC Current Control

We present the main result of this article, that is, the analytic
implementation of predictive current control. Assume that the
motor runs at the speed ω. The SPMSM discrete model can be
computed online by (24) and (25). The diagram of MPC for
motor current control is illustrated in Fig. 1, and the detailed
procedure is described as follows:

1) At the current sampling instant, measure the motor phase
current iabc, get the angular position θ (sensor) or its
estimation θ̂ (sensor-less).

2) Transform iabc into i0 in the dq-frame, and subtract iref to
form tracking error x0.

3) Compute control zones partitioned as in Fig. 2(a).
a) The blue circle depicts the magnitude constrain on the

current vector, i.e., ‖i‖2 ≤ Imax.
b) The yellow hexagon is given by (31a).
c) The edges of spike-like zones are perpendicular to the

corresponding edges of the yellow hexagon.
4) Get the equivalent control state x∗

0 from x0:
a) if x0 is in the yellow hexagon, let x∗

0 = x0;
b) if x0 is in a pie region such as cyan area, let x∗

0 be the
vertex;

c) if x0 is in a long strip region such as green area, let x∗
0

be its projection to the neighboring hexagon edge.
5) Calculate the control input at the present moment by v∗

0 =
−[I,0, . . . ,0]H−1MTx∗

0, and apply u∗
0 = v∗

0 + ū.

6) Repeat Steps 1–5 as time evolves to form a receding
horizon control.

B. Partition of Feasible Region Into Control Zones

The core of our analytic solution lies in Step 3, which
partitions the feasible region of motor currents in dq-frame,
represented by the interior of the blue circle in Fig. 2, into control
zones. Among these, the inner yellow hexagon encompasses
all states x0, where none of the constraints are active. Each
spoke-like zone (e.g. the green area) or wedge-like zone (e.g.
the cyan area) represents states with the same active control
constraints at the present moment, although their future active
control constraints may differ. In this section, we provide an
intuitive and constructive description on how this partition is
obtained.

Fig. 2(b) shows a finer structure of control zones, where each
cell represents a critical region, with numbers inside indicating
the associated active sets. Recall that all states within a critical
region share the same set of active constraints. We consider
constraints on both the input voltage and motor current, with
time spanning from the present moment t0 to the future time
instant tN−1. In the following, we describe the procedure for
deriving these cells and forming the control zones.

1) No active constraints. This is the simplest case. From
Property 1, the critical region is determined by the inter-
section of dual feasibility region (10) and primal feasibility
region (11), which is derived as the inner yellow hexagon
in Fig. 2(b) in Section IV-C. Equation (23) becomes an
unconstrained optimization problem.

2) Active constraints at t = t0. Using Property 2, Sec-
tion IV-D first shows that each edge of the yellow hexagon
neighbors a rectangular critical region with active set {m},
for m = 1, · · · , 6, representing the mth sector in the
SVPWM hexagon is constrained.
Next, since the number of active constraints for a wedge-
like area can only increase by 1 from that of its neighbors,
its active set must be the union of two neighboring active
sets. For example, the wedge-like area between rectangu-
lar areas {4} and {5} has active set {4, 5}, as shown in
Fig. 2(b). Its two magenta boundaries are defined by the
dual condition, while the two green boundaries are deter-
mined by the primal condition. Together, these rectangular
and wedge-like areas form the gray zone, which consists
of states with active constraints only at t = t0.

3) Active constraints at t = t0 and t = t1. By computing the
dual and primal conditions, we can derive that the active set
for the rectangular area outside {1} is {1, 7}, representing
the 1st sector in the SVPWM hexagon is constrained at
both t = t0 and t = t1. Proceeding further, all the critical
regions with active constraints at these two time instants
form the orange zone.

4) Active constraints at t = t0, · · · , tN−1. We progressively
compute the critical regions for active constraints at more
future time instants, getting more zones until they cover
the entire blue current circle.
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For critical regions with active sets {1}, {1, 7}, and
{1, 7, 13}, they all have the same active constraint 1 at
t = t0, and all states along the line perpendicular to the
yellow hexagon edge have the same first control input.
Since MPC applies only the first control, these regions
can be combined into the green spoke zone in Fig. 2(a).
Similarly, all critical regions with the active set of {4, 5}
at t = t0 can be combined into the cyan zone.

The rest of this section will discuss the technical details
involved in deriving the control zones.

C. Yellow Hexagon for No Active Constraints

We show that when there is no active constraint, the critical
region is given by the innermost yellow hexagon. In this case,
the control is given by V ∗

0 = −H−1MTx0. Because both F
and B are SRMs and they commute, we obtain from (18)

H =
1

s2B
ST
u Su + rI

=

⎡
⎢⎣(r + 1 + · · ·+ s2N−2

F )I · · · (F T )N−1

...
. . .

...
FN−1 · · · (r + 1)I

⎤
⎥⎦ .

Notice that H is symmetric and contains only F , F T , and their
powers. So does H−1, and it can be written as

H−1 =
1

dH

⎡
⎢⎢⎢⎣

l11I l21F
T · · · lN1(F

T )N−1

l21F l22I · · · lN2(F
T )N−2

...
...

. . .
...

lN1F
N−1 lN2(F

T )N−2 · · · lNNI

⎤
⎥⎥⎥⎦

(26)

where dH =
√
detH . Moreover, we have

H−1MT = H−1(H − rI)S−1
u Sx = (I − rH−1)S−1

u Sx.

Because

Su
−1Sx

=

⎡
⎢⎢⎢⎣

B−1

−B−1F B−1

. . .
. . .

−B−1F B−1

⎤
⎥⎥⎥⎦
⎡
⎢⎢⎢⎣

F
F 2

...
FN

⎤
⎥⎥⎥⎦=

⎡
⎢⎢⎢⎣
B−1F

0
...
0

⎤
⎥⎥⎥⎦

the optimal control is given by

V ∗
0 = −H−1MTx0

=
(
rH−1 − I

)
⎡
⎢⎢⎢⎣
B−1F

0
...
0

⎤
⎥⎥⎥⎦x0 =

−1

dH

⎡
⎢⎢⎢⎣
p1F
p2F

2

...
pNFN

⎤
⎥⎥⎥⎦B−1x0

(27)

where p1 = dH − rl11, p2 = −rl21, · · · , pN = −rlN1. From
the MPC strategy, we apply only the first control, i.e.,

v∗
0 =

−p1
dH

FB−1x0 =
−p1sF
dHsB

R (−ωTs − θB)x0. (28)

Next, we derive the boundary for this critical region. The dual
feasibility condition (10) is trivially satisfied, and the critical
region is solely determined by the primal feasibility condition
(11), which can be rewritten as

Pp =
{
x0 | − (E +GH−1MT

)
x0 < w

}
. (29)

The inequality in (29) consists of the following two inequalities:

−AvH
−1MTx0 ≤ 1N ⊗ bu −Av(1N ⊗ ū) (30a)

(IN ⊗Ai)(Sx − SuH
−1MT )x0 ≤ 1N ⊗ bx. (30b)

The inequality (30a) can be written as

−AvH
−1MTx0 =

−1

dHsB

⎡
⎢⎢⎢⎣
p1sFAu

p2s
2
FAu

...
pNs

N
F Au

⎤
⎥⎥⎥⎦R(θ − ωTs − θB)x0

<

⎡
⎢⎢⎢⎣

bu −AuR(θ)ū
bu −AuR(θ + ωTs)ū

...
bu −AuR(θ + (N − 1)ωTs)ū

⎤
⎥⎥⎥⎦

which is equivalent to

AuR(θ − ωTs − θB + π)(
x0 − dHsB

p1sF
R(ωTs + θB)ū

)
<
dHsB
p1sF

bu (31a)

...

AuR(θ − ωTs − θB + π)(
x0 − dHsB

pNsNF
R(NωTs + θB)ū

)
<
dHsB
pNsNF

bu. (31b)

The inequalities in (31) define a set of regular hexagons with
the same orientation angle −(θ − ωTs − θB + π), and the kth
one is centered at dHsB

pkskF
R(kωTs + θB)ū with the side length

dHsB
pkskF

2
3Vdc. Extensive numerical computations show that this

is a progressively larger set of hexagons, and (31a) defines the
innermost yellow hexagon in Fig. 2.

For the inequality (30b), we get from (27)⎡
⎢⎢⎢⎣
x1

x2

...
xN

⎤
⎥⎥⎥⎦ = Sxx0 + SuV

∗
0 =

⎡
⎢⎢⎢⎣

(1− p1

dH
)Fx0

(1− p1+p2

dH
)F 2x0

...
(1− p1+···+pN

dH
)FNx0

⎤
⎥⎥⎥⎦ . (32)

Since {pk} is positive, decreasing, and
∑N

k=1 pk = dH − rN ,
the norm of xk is decreasing. Hence, the predicted states all stay
within the current circle and (30b) is satisfied.

D. Gray Regions for One or Two Active Constraints Only at
the Present Moment

From the property of critical regions in Section II-B, we know
that the full-dimensional critical regions neighboring yellow
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hexagon can have only one active constraint. We show that these
correspond to rectangular gray regions in Fig. 2(b).

Consider the case when one constraint on V ∗
0 is active at the

present moment. From (13) and (15), we can write this constraint
as

GAV
∗
0 − b0 = 0 (33)

where

GA =
[
mTR(θ), 0, · · · , 0

]
mT =

[
cos 2m−1

6 π, sin 2m−1
6 π

]
, for some 1 ≤ m ≤ 6

b0 =

√
3

2
b−mTR(θ)ū.

Without loss of generality, we consider the case whenm = 1.
Hence GA is the first row in G. For the dual condition (10), we
have

T d=(GAH
−1GT

A)
−1=

dH
l11

,SA=GAH
−1MT ,wA=b0.

Equation (10) becomes

Pd =

{
x0 | GAH

−1MTx0 ≤ −
√
3

2
b+mTR(θ)ū

}
.

From (27), we have

GAH
−1MTx0 =

p1sF
dHsB

mTR(θ − ωTs − θB)x0

≤ −
√
3

2
b+mTR(θ)ū

which can be rewritten as

mTR(θ − ωTs − θB + π)(
x0 − dHsB

p1sF
R(ωTs + θB)ū

)
≥ dHsB

p1sF

√
3

2
b. (34)

Comparing with (31a), we know that (34) defines a shared
boundary with the yellow hexagon, shown as the magenta edge
of the hexagon in Fig. 2(b).

For the primal condition (11), we have

T p = GNAH
−1GA

dH
l11

, SNA = GNAH
−1MT .

Then, (11) becomes

Pp =

{
x0 | GNA

(
H−1GT

AGA
dH
l11

− I

)
H−1MTx0

< wNA −GNAH
−1GA

dH
l11

wA

}
. (35)

From (26), we have

H−1GT
AGA

dH
l11

− I

=

⎡
⎢⎢⎢⎣

R(−θ)(mmT − I)R(θ)
l21
l11

FR(−θ)mmTR(θ) −I
...

...
. . .

lN1

l11
FN−1R(−θ)mmTR(θ) 0 · · · −I

⎤
⎥⎥⎥⎦ .

Here, mmT is a projection operator along the direction of m,
and mmT − I yields a vector orthogonal to m.

For GNA, first consider the kth inactive constraint at the
current time (i.e., the kth row in G):

Gk
NA =

[
kTR(θ), 0, · · · , 0

]
kT =

[
cos 2k−1

6 π, sin 2k−1
6 π

]
, k �= m.

The left-hand side of the inequality in (35) becomes

Gk
NA

(
H−1GT

AGA
dH
l11

− I

)
H−1MTx0

= kT (mmT − I)R(θ − ωTs − θB)
p1sF
dHsB

x0. (36)

We also have

wk
NA =

√
3

2
b− kTR(θ)ū, Gk

NAH
−1GT

A =
l11
dH

kTm

and the right-hand side of the inequality in (35) becomes

wk
NA −Gk

NAH
−1GA

dH
l11

wA

=

√
3

2
b(1− kTm) + kT (mmT − I)R(θ)ū. (37)

Combining (36) and (37), we get
p1sF
dHsB

kT (mmT − I)R(θ − ωTs − θB)(
x0 − dHsB

p1sF
R(ωTs + θB)ū

)
<

√
3

2
b(1− kTm)

which can be further simplified to

cot
k −m

6
π mTR

(
θ − ωTs − θB +

π

2

)
(
x0 − dHsB

p1sF
R(ωTs + θB)ū

)
<
dHsB
p1sF

√
3

2
b. (38)

Equation (38) defines a half-plane, and different k generates
parallel line that is orthogonal to the magenta edge defined by
(34). When |k −m| = 3, the line vanishes. When k −m = 1
or k −m = 5, | cot k−m

6 π| achieves maximum value and these
two lines define the boundaries of the critical region shown as
green line segments in Fig. 2(b), and they are perpendicular to
the magenta edge.

Next consider the kth inactive constraint at the next sampling
instant (i.e., the (k + 6)th row in G)

Gk
NA =

[
0, kTR(θ + ωTs), · · · , 0

]
kT =

[
cos 2k−1

6 π, sin 2k−1
6 π

]
, k �= m. (39)

Then, we have

Gk
NA

(
H−1GT

AGA

GAH
−1GT

A

− I

)
H−1MTx0

=

(
p1l21
l11

kTmmT − p2k
T

)
s2F

sBdH
R(θ − ωTs − θB)x0.

(40)



12372 IEEE TRANSACTIONS ON POWER ELECTRONICS, VOL. 40, NO. 9, SEPTEMBER 2025

The right-hand side of the inequality in (35) becomes

wk
NA =

√
3

2
b− kTR(θ + ωTs)ū

Gk
NAH

−1GT
A =

l21sF
dH

kTm

which leads to

wk
NA −GNAH

−1GA
dH
l11

wA =

√
3

2
b− kTR(θ + ωTs)ū

− l21sF
l11

(√
3

2
b−mTR(θ)ū

)
kTm. (41)

We can show when k = m, it generates the smallest area.
Combining (40) and (41), we have

mTR(θ − ωTs − θB + π)

(
x0 +

l11
l21

F−2Bū− F−1Bū

)

<
sB
s2F

(
sF − l11

l21

) √
3

2
b.

Comparing with (34), we know that this defines a line that is
parallel to the magenta edge of the innermost hexagon, which is
plotted as the black line in Fig. 2(b). Now the magenta, green,
and black lines form a rectangular critical region corresponding
to the active set {1}.

The control input V ∗
0 can be obtained as

V ∗
0 = −H−1MTx0 + µ∗ = −H−1MTx0 −H−1GT

AλA

λ∗
A = −wA + SAx0

GAH
−1GT

A

= −wA +GAH
−1MTx0

l11/dH
.

As MPC applies only the control input at the current sampling
instant, we have

v∗
0 =

−p1
dH

B−1Fx0 + µ∗
0 =

−p1
dH

B−1Fx∗
0 (42)

where x∗
0 = x0 − dH

p1
F−1Bµ∗

0. It is easy to show that x∗
0 is on

the magenta hexagon edge and x∗
0 − x0 is the dashed line that

is parallel to blue spoke lines as shown in Fig. 2.
Furthermore, the control performance, especially the tran-

sient response is related to N by the pole location of the
closed-loop system. When none of the constraints active, the
optimal control v∗

0 can be treated as a state feedback law
v∗
0 = −p1/dHFB−1xk. Thus, the closed-loop system becomes

xk+1 = Fxk +Bv∗
0 = (1− p1/dH)Fxk. (43)

The poles of this system are (1− p1/dH)sF (cosωTs ±
j sinωTs), and thus smaller magnitude of the closed-loop system
poles (1− p1/dH)sF yields faster convergent dynamics. In
Fig. 3, we numerically illustrates the relationship between the
magnitude and the prediction horizon N for different values of
the penalty parameter r. The results demonstrate that as the pre-
diction horizon length increases, the magnitude increases across
all values of r, indicating improved convergence performance
with a longer prediction horizon. However, it also shows that the
reduction in (1− p1/dH)sF becomes marginal as N exceeds a
certain threshold N = 10.

Fig. 3. Magnitude of the closed-loop system poles versus (a) different predic-
tion horizon N and (b) different control penalty r.

TABLE I
SPECIFICATIONS FOR THE SPMSM USED IN BOTH SIMULATION AND

EXPERIMENTS

V. SIMULATION AND EXPERIMENTAL RESULTS

In this section, we show the simulation and experimental
results.

A. Simulation Results

Our algorithm provides an efficient way of solving the con-
strained optimization problem resulting from the MPC formu-
lation. We perform numerical simulations to show that it yields
the same optimal solutions as those from standard optimization
solvers.

Consider a 100W servo motor with the specifications listed in
Table I. We conduct simulations of the current control, where the
reference trajectories for id and iq are given, and the MPC algo-
rithm needs to determine the voltage commands at each sampling
instant. In particular, we set the motor currents id and iq to track
step inputs from 0A to 0.5A at 0.01s and back to 0A and −1A at
0.02s, respectively. The prediction horizon is set toN = 10 and
control penalty weight to r = 10. At each sampling instant, the
optimal solution for (23) is computed by both our algorithm and
MATLAB quadprog command. Fig. 4(a) displays the current
reference commands and output responses, whereas Fig. 4(b)
shows the corresponding voltage controls. Since it is critical to
assess cases of saturation, Fig. 4(c) plots the voltage controls
in the αβ-frame, revealing that immediately after the reference
command changes, the control signals saturate along the edges
of the SVPWM hexagon. Finally, Fig. 4(d) shows the difference
of these two methods, which is within the numerical accuracy.
This simulation confirms that our algorithm produces the same
optimal solution as MATLAB optimization toolbox.

B. Experimental Results

For the experiments, we again use the motor with the specifi-
cations listed in Table I, and the experimental platform is shown
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Fig. 4. Optimization results from our MPC algorithm vs those from MAT-
LAB quadprog command. (a) The current reference commands and output
responses; (b) The obtained voltage controls in the time domain; (c) The voltage
controls in αβ-frame; and (d) The difference between two methods (data points
with values at 0 are not shown).

Fig. 5. Experimental platform of the PMSM drives.

in Fig. 5. Another servo PMSM drive is used as a high dynamic
loading system, capable of operating in either pure loading or
speed control mode. The MPC algorithm is implemented on
a DSP board integrated with a low-cost Micro Control Unit
(MCU) SPC2168, priced at around 1 USD each [24]. Phase
currents are measured by sampling circuits on the DSP board
with 16 kHz sampling frequency, whereas the rotor position is
measured by a 17-bit absolute encoder. Dead-time effects and
inverter nonlinearities are compensated by the hybrid VSI error
model-based method described in [25].

Time delays, particularly computation delays, are common in
engineering applications, often resulting in a one sample period
delay between computation and execution of control inputs. This
can degrade system performance, especially in high-precision,
fast-dynamics applications. To address this, we use a delay
compensation strategy for the MPC from [19], where the current
at the next instant is predicted and used as the starting point for

Fig. 6. Stator current tracking at standstill from our MPC algorithm. (a) d-
and q-axis currents tracking; (b) control signals ud and uq .

Fig. 7. Effects of the prediction horizon N on (a) transient performance and
(b) spectrum distribution of steady-state currents.

MPC optimization. The optimal control law is then computed
based on this prediction and applied at the next time instant.

First, we present the current tracking performance of our
explicit MPC algorithm when the motor speed is controlled at
zero in Fig. 6, with parameters set toN = 10 and r = 10. 1 The
d-axis current is regulated at 0 A, while the q-axis current tracks
a step input from 0 A to 1.0 A, followed by a return to 0 A. The
results show prompt current response with no steady-state error.

Subsequently, we evaluate the control performance of
the proposed controller with different prediction horizons
N = 1, 3, 10, 20 in Fig. 7. The experimental results demonstrate
that the current transient becomes significantly faster as the
prediction horizon increases, together with better THD perfor-
mance. This improvement highlights the benefit of a longer
prediction horizon in achieving better dynamic performance. In
addition, we observe that the dynamic response for N = 20 is
almost identical to that of N = 10. This finding again confirms
that increasing N beyond a certain value offers limited returns
in terms of performance improvement, which aligns well with
the theoretical analysis discussed in Section IV.

We also perform experiments under varying operating condi-
tions where the motor currents track id = 0 A and iq = 0.3 A,
0.7 A, 1.0 A while the motor operates at 100 and 200 Hz. These
results, shown in Fig. 8, demonstrate good tracking performance
across all cases. In addition, we show the current tracking perfor-
mances when the motor follows a speed profile in Fig. 9(a), and
when being subjected to a load change in Fig. 9(b). At t = 0.06 s,
the load torque steps up from 0.06 to 0.12 N·m, and thus the

1As the regular Ni-polygon approximates the outermost boundary in Fig. 2
without affecting solver performance due to geometric projection, we simplify
by using a circular current constraint corresponding to Ni goes to infinity.
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Fig. 8. Stator current tracking for the motor operating at 100 Hz (top row)
and 200 Hz (bottom row). The red, green, and blue lines represent the tracking
of reference trajectories (indicated by dashed lines) from 0 A to 1.0 A, 0.7 A,
0.3 A, and back to 0 A, respectively.

Fig. 9. Current tracking performances when the motor is (a) to follow a speed
profile, and (b) subject to a load change.

q-axis reference increases to compensate for the additional load.
We observe that the achieved q-axis current closely tracks the
reference due to the prompt dynamics of the proposed current
controller. Meanwhile, the d-axis current remains at zero as
desired. In addition, it is worthy to mention that we utilized a
disturbance observer with a feed-forward compensation mech-
anism in our experiments to reject the internal and external
disturbance such that the proposed MPC can achieve offset-free
tracking performance reference.

In Fig. 10, we illustrate the control performance under active
current constraints. From t = 0 ms to t = 15 ms, a step change
is applied to the q-axis current reference, following the sequence
from 1 to 1.2 A and finally settling at 1.7 A, while the d-axis
current is maintained at 0 A. Under normal operating conditions,
the current reference is set within the current limitation circle,
which corresponds to ‖iref‖2 ≤ 1.5A. However, we intention-
ally set the current reference to 1.7 A in Fig. 10 to demonstrate
how our controller handles cases of current constraint violation.
Since Iref > Imax = 1.5A, the original optimization problem be-
comes infeasible. To address this issue, our controller performs

Fig. 10. Experimental results under active current constraints. (a) Current
trajectories in the dq-frame in the time domain. (b) Current trajectories in the
iα-iβ -plane.

Fig. 11. Experimental comparison of the current tracking performances under
sampling frequency fs = 8 kHz and fs = 16 kHz.

a geometric projection to drag iref onto the boundary of the
current limitation circle, as discussed in Section IV-A. As seen
in Fig. 10(a), when the current reference is less than or equal to
maximum current value, the controller exhibits superior tracking
performance; however, when the current reference is set beyond
the current limitation, the current response will stay at maximum
allowable value at steady state. Fig. 10(b) further shows the
current trajectories on the iα-iβ-plane.

Now, we evaluate the proposed MPC solver performance
under different sampling frequencies. In Fig. 11, the sampling
frequency of the compared experiment is set to 8 kHz, with the
prediction horizonN and regularization parameter r unchanged.
The experimental results show that a lower sampling frequency
can degrade transient performance, particularly causing larger
overshoots. This is because the control frequency matches the
sampling frequency, so reduced sampling lowers the update
rate, limiting the controller’s responsiveness. Conversely, higher
sampling frequencies enable more frequent updates, enhancing
transient response and precision in tracking reference signals.

In the following, we compare the current tracking perfor-
mance of the MPC algorithm with a PI controller, e.g., the an-
alytical discrete-time pole-placement design method presented
in [4]. Although the objective of this article is not to demonstrate
the performance advantages of MPC over PI, we include these
comparison experiments for completeness. We set N = 10 and
r = 10 for MPC, while the PI controller is tested with band-
widths of 2.0, 2.2, 2.4, and 2.6 kHz. Fig. 12(a) shows the q-axis
currents for both the MPC and PI controllers, while (b) and (c)
display the three-phase currents. For clarity, only the currents
from the PI controller with bandwidth 2.2 kHz are shown in
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Fig. 12. (a) Transient response comparison between our MPC and the ad-
vanced discrete-time pole-placement PI controller in [4]; (b) three-phase currents
from MPC; and (c) three-phase currents from PI with bandwidth 2.2 kHz.

Fig. 13. Experimental comparison between the proposed MPC with the tradi-
tional PI method under control saturation.

(c). As can be seen, MPC has a clear advantage in balancing
fast response with minimal overshoot. While PI controllers
with higher bandwidths can match the response speed of MPC,
they tend to exhibit significant overshoots and undershoots.
Conversely, lower-bandwidth PI controllers reduce overshoot
but are noticeably slower than MPC. Note that the performance
of the PI controller can be further enhanced through fine-tuning
and incorporating additional features.

We then compare the control performance of the proposed
MPC with the PI-based controller under control saturation. In
Fig. 13, we intentionally reduced the dc-link voltage to 30% of
its original value, imposing a stringent voltage constraint on both
controllers. As anticipated, due to the limited available voltage,
both controllers exhibit control saturation and are unable to drive
the current to the desired reference value. At t = 25 ms, the cur-
rent reference suddenly steps down to 0A. Despite being initially

Fig. 14. Robustness evaluations for our MPC algorithm and PI controller,
when subject to parameter variations. (a) MPC with stator resistance variations;
(b) MPC with inductance variations; (c) PI with stator resistance variations;
and (d) PI with inductance variations.

constrained by the voltage limit, our method efficiently exits the
saturation region and quickly adjusts to the new unconstrained
voltage command, resulting in a rapid response and accurate
tracking of the new reference. In contrast, the PI-based controller
exhibits sluggish behavior due to integrator windup.

In Fig. 14, we evaluate the robustness performance of our
MPC algorithm together with PI controller, when subject to
model parameter variations. For MPC, set N = 10 and r = 10.
Take nominal values of stator resistanceRs0 and inductanceLs0

as those shown in Table I, and their real values may deviate from
the nominal ones when the motor works at different operating
conditions. Fig. 14(a) shows the current tracking performance
from our MPC algorithm when the stator resistance is taken as
0.5Rs0, Rs0, and 1.5Rs0, and Fig. 14(b) the results when the
inductance is taken as 0.5Ls0, Ls0, and 1.5Ls0, respectively.
Fig. 14(c) and (d) is the corresponding results for PI controller.
We observe that larger resistance and smaller inductance pro-
duce faster transient response, but they all yield quite similar
dynamic responses. PI controller produces acceptable robust-
ness performance, with slightly larger overshoots in some cases.

Now we compare the control performance of the proposed
MPC with the analytical-solution-based solver aVsIs [21], fast
solver from [26], and the decaying amplification aggregation
MPC (DAA-MPC) [27]. The recommended parameter setting
are adopted for the aVsIs, fast solver in [26], and DAA-MPC
in Fig. 15. For aVsIs, only the first time step is considered
in both the constraint and cost functions, meaning that the
control and prediction horizons are set toN = 1. In contrast, our
method accounts for both future states and control actions with
N = 10. While both aVsIs and our method use a similar geo-
metric projection approach for the first step constraint, achieving
comparable dynamic responses to reference step changes, aVsIs
shows significant overshoots when responding to both step-up
and step-down reference signal changes, whereas our method
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Fig. 15. Experimental comparison for the proposed MPC, aVsIs [21], Fast
Solver in Ref. [26], and DAA-MPC [27] on (a) transient control performance
and (b) spectrum distribution of steady-state currents.

TABLE II
TRANSIENT AND STEADY-STATE PERFORMANCE COMPARISON

TABLE III
COMPARISON OF COMPUTATIONAL TIMES (µs)

exhibits almost no overshoot. This difference can be primarily
attributed to the longer prediction and control horizons used in
our approach. The fast solver from [26], on the other hand, shows
a small overshoot comparable to our method for the step-up
response, but a large overshoot for the step-down response.

Meanwhile, the DAA-MPC is a modification of traditional ex-
plicit MPC, incorporating a decaying amplification aggregation
strategy to extend the prediction horizon without introducing
exponential complexity. The results in Fig. 15 show that both
the DAA-MPC and our method exhibit no significant overshoot
during reference step-up and step-down changes, due to the use
of long prediction horizons in both approaches. However, the
proposed method demonstrates a faster transient response, as
the DAA-MPC can only provide a suboptimal solution due to
its formulation.

Moreover, Table II summarizes the transient and steady-state
performance indices of these controllers. Overshoot and settling
time evaluate transient performance, while THD reflects har-
monic content and noise levels in the steady-state current. The
overshoot is averaged over both step-up and step-down stages.
The reduced overshoot and lower THD highlight the superior
overall performance of our proposed method.

Last, Table III lists the computational times for our proposed
MPC, the EMPC method from [23], the aVsIs method [21],

and the DAA-MPC [27] method on the MCU in experiments.
These results are shown for cases with 0, 1, · · · , and 4 active
constraints. Here, the DSP board is configured to perform only
these computations, without controlling the motor. Notably, our
MPC method maintains a nearly constant computational time of
approximately 3.5 µs, regardless of the number of active con-
straints. In contrast, the times for EMPC increase significantly
as the number of constraints grows. Moreover, the average com-
putational times for the aVsIs and DAA-MPC are approximately
4.15 and 6.85µs, respectively. While both aVsIs and DAA-MPC
offer computational efficiency for normal industrial drives, the
proposed MPC can deliver an analytical solution with a longer
prediction horizon, resulting in superior control performance.
For reference, the real-time control sampling period in previous
experiments is 66 µs.

VI. CONCLUSION

In this article, we derived analytic solutions for explicit MPC
applied to current control of SPMSM drives. We showed a
simple geometric representation of the MPC algorithm, which
facilitates ease of engineering implementation. Experimental
results demonstrate that the proposed MPC algorithm delivers
fast dynamic response and is computationally efficient, making
it suitable for both high-speed servo systems and cost-sensitive
applications.

The proposed MPC algorithm can be further extended to Inte-
rior permanent magnet synchronous motor drives. These results
will be presented in an ensuing paper. Moreover, due to similar
mathematical model and modulator constraints, we are imple-
menting this technique to other power electronics applications
such as static synchronous compensator, and grid-connected
converters in distributed generation system.
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