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Predictive Cascaded Speed and Current Control for
PMSM Drives With Multi-Timescale Optimization
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Abstract—This paper proposes a predictive speed and current
control with multi-timescale optimization in a cascade architec-
ture for a permanent-magnet synchronous motor. Considering the
difference of timescale characteristics for speed loop and current
loop, different sampling times are assigned to the respective sub-
system. In the prediction step of the conventional two-timescale
system, the coupling between slow and fast sampling models is ig-
nored and the output of the slow-sampling model at asynchronous
sampling period is missing, which both weaken the prediction per-
formance of the system. In this paper, the predictions of both slow
and fast models for all the prediction instants are analyzed in detail.
Besides, a linear estimation method based on virtual instants is pro-
posed to improve the performance of the slow-sampling model for
fast prediction instants. The data stream of the proposed method
is designed based on the cascaded structure. The strategies are
implemented on a field-programmable gate arrays taking advan-
tages of parallel and pipeline processing techniques. Experimental
results show that the proposed strategies have a better dynamic
performance compared to the conventional method.

Index Terms—Field-programmable gate array (FPGA), model
predictive control (MPC), multi-timescale optimization (MTO),
permanent-magnet synchronous motor (PMSM).

I. INTRODUCTION

THE permanent-magnet synchronous motor (PMSM) drives
are receiving more and more attention in industry appli-

cations due to their merits of high torque/power density, high
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efficiency, and high reliability [1]–[3]. Two of the most com-
mon strategies employed for the control of PMSM drives are
field-oriented control and direct torque control [4], [5]. Be-
sides, various methods have also been proposed to achieve high
performance.

More recently, model predictive control (MPC) has become
attractive toward enhancing system performance with the rapid
development of computer technology [6]–[8]. MPC applied to
power electronics has two main variants: continuous control
set MPC (CCS-MPC) [9]; and finite control set MPC (FCS-
MPC) [10]. For the CCS-MPC, with the continuous voltage
reference, pulsewidth modulation is applied to generate switch-
ing states according to the modulations principles and inverter
topologies. FCS-MPC takes advantages of the limited num-
ber of switching states available in the inverter for solving the
optimization problem that minimizes the cost function based
on predictive model. It is easy to handle multi-variable con-
trol and involve various nonlinear constraints, featuring high
flexibility [11].

There are some papers that used the MPC for the control
of the internal electric subsystem [12]. In order to exert fully
the dynamic performance of MPC control, a complete MPC
of the speed for PMSM drives can be found in the litera-
ture as well. The control structure can be classified into di-
rect speed control [13], [14] and cascaded speed control [15],
[16]. The predictions of speed and current in a cascaded struc-
ture are designed separately. The sampling periods, prediction
horizons, and control horizons of speed prediction and cur-
rent prediction can be designed harmoniously according to the
application.

It is broadly accepted that physical phenomena occur at differ-
ent timescales [17]. Power system is a nonlinear system that con-
tains variables with different time constants [18]. Two-timescale
is a typical simplified representative of a multi-timescale prob-
lem. In PMSM drives, the mechanical time constant is different
from the electrical time constant [6], which means that the sam-
pling periods of speed control subsystem and current control
subsystem are different. The external speed loop is the slow-
sampling model and the internal current loop is the fast-sampling
model in this two-timescale system. Based on the sampling pe-
riod of the fast model, the sampling period of the slow model is
subsampled by a factor to achieve a stable operation [16]. In the
relevant literatures, this factor is usually assigned the value of
10 in the control for different motor types [15], [16], [19]–[21],
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which means that the period of the speed control is ten times
slower than that of the current control.

In the conventional multi-timescale control, the slow-
sampling model and the fast-sampling model are analyzed sepa-
rately at each sampling instant. When the slow-sampling model
is analyzed, the transient process of the fast-sampling model
is assumed to have been finished and the steady-state value is
obtained. Similarly, when the fast-sampling model is analyzed,
the slow-sampling model is considered that it cannot change
timely and maintains the constant output. It is obvious that the
coupling between the two-timescale models in prediction step
is ignored and it affects the prediction accuracy with different
horizons. Besides, the prediction of slow-sampling model re-
mains holding state at the asynchronous sampling period. This
causes some information loss and also weakens the predic-
tion performance of the fast-sampling model. At the steady-
state operation, the variables of the slow-sampling model trend
to be stable. The influence of coupling term and information
loss is not significant. However, at the dynamic-state operation,
the variables of fast and slow models change tremendously.
The coupling term and information loss affect the predic-
tion accuracy of the fast-sampling model and the system out-
put directly. As a result, the dynamic performance is also
influenced.

This paper proposes a model predictive cascaded speed and
current control with multi-timescale optimization (MTO) for
PMSM drives. The prediction models for speed and current
are designed separately, with deadbeat solution for the external
speed loop and the FCS-MPC method [22], [23] for the internal
current loop. The general multi-timescale analysis is performed
based on the state-space model of two-timescale subsystems.
First, according to the characteristic of sampling instant in the
respective system, the analysis is divided into synchronous sam-
pling and asynchronous sampling. Second, in order to solve the
coupling relationship in prediction between the two-timescale
models, the predictions of both slow and fast models for all
the prediction instants are analyzed in detail. To improve the
accuracy of a slow-sampling model at fast prediction instants, a
linear estimation method based on virtual instants is proposed
in this paper. Based on the cascaded structure, the data stream of
prediction sequences is designed. In addition, a compensation
method of control step delay for different timescale subsys-
tems is proposed. Finally, the proposed method is implemented
in field-programmable gate arrays (FPGAs), which are one of
the best candidates for the implementation of MPC [24]. The
noteworthy feature of strict timing constraints of an FPGA is
exploited for multi-timescale coordinated control. The effective-
ness of the proposed method is verified on a test bench involving
a PMSM.

II. MODEL AND CONTROL STRATEGY

This section presents the analytic models for a PMSM and
the power converter. Then, the cascaded predictive speed control
strategy is designed for a PMSM, as shown in Fig. 1. It consists
of four main stages that are described in detail in this section.

Fig. 1. Structure of predictive cascaded speed and current control for PMSM
drives.

A. Model of PMSMs

The continuous-time model of a PMSM in a synchronous
rotating frame can be expressed as follows:

ud = Rid +
dψd
dt

− ψqωe (1)

uq = Riq +
dψq
dt

+ ψdωe (2)

Te =
3
2
p (ψf iq + (Ld − Lq ) idiq ) (3)

d

dt
ωr = −B

J
ωr +

p

J
Te − p

J
Tl (4)

where ψd = Ldid + ψf and ψq = Lq iq are stator d-axis and
q-axis flux vectors and
ud direct-axis voltage;
uq quadrature-axis voltage;
id direct-axis current;
iq quadrature-axis current;
ωe electrical angular velocity (ωe = pωr );
ωr angular velocity;
p number of rotor pole pairs;
ψf permanent magnet flux;
R stator resistance;
Ld direct-axis inductance;
Lq quadrature-axis inductance;
Te electrical torque;
Tl load torque;
B friction constant;
J inertia constant.

B. Power Converter

The two-level voltage source inverter (2L-VSI) is applied in
this paper. This converter is composed by a dc voltage source
and three half-bridge units in the inverter stage. Considering that
the two switches in each inverter phase operate in a complemen-
tary mode in order to avoid short circuiting the dc source, the
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Fig. 2. Permissible voltage vectors.

switching state of the power switches can be represented by
Sa , Sb , and Sc . The voltage vectors depend on the states of the
converter as

S
Δ=

(
2
3

) (
Sa + e

j 2 π
3 Sb + e

j 4 π
3 Sc

)
(5)

V = S · Vdc (6)

where V represents the output voltage vector and Vdc is the dc
source voltage. The 2L-VSI generates eight voltage vectors, six
active vectors, and two zero vectors, which are represented in
Fig. 2.

C. External Speed Control Loop

The objective of external speed control loop is to achieve
a good tracking of the speed reference. The deadbeat speed
control is used to predict the rotor speed and output the current
command in this paper. The mechanical equations (3) and (4)
are adopted to obtain the second-order derivative of speed. The
second-order Taylor discretization of the mechanical speed is
obtained as follows:

ω (k + 1) = ω (k) + Ts · ω̇ (k) +
T 2
s

2
· ω̈ (k) (7)

where Ts is the period of the external speed control loop.
For a surface-mounted PM motor, the direct- and quadrature-

axis inductances are equal. The current reference used in the
internal control loop is obtained as follows:

x∗m (k) = Amxm (k) +Bmum (k) + Emvm (k) + Fm

ym (k) = Cmxm (k) (8)

where x∗m = ym = iq , um = ωr , vm = Tl , the subscript “m”
denotes mechanical variables and

Am = −1 +
BTs
J

, Bm =
4B

3p2ψf
− 4J

3p2ψf Ts
− 2B2Ts

3Jp2ψf
,

Em =
4

3pψf
− 2BTs

3Jpψf
, Fm =

4Jωref

3p2ψf Ts
, Cm = 1.

where Ts is the sampling interval of the external speed loop. Tl
is the load torque and the general observer was reported in [13].
ωref is the speed reference that is obtained from system setting.

D. Internal Current Control Loop

The FCS model predictive current control (FCS-MPCC)
is used in the internal control loop to track the direct- and
quadrature-axis current references, which are generated from
the external speed loop. The discrete-time model of an electric
drive is necessary to predict the future evolution of the controlled
output variables for a sequence of control inputs [24]. By using
the Euler approximation for the stator current derivatives for a
sampling time Tf , the discrete electrical state-space model is
given as follows:

xe (k + 1) = Aexe (k) +Beue (k) + Ee

ye (k) = Cexe (k) (9)

where xe = ye = [id , iq ]T , ue = [ud, uq ]T , the subscript “e”
denotes electrical variables, and

Ae =

⎡
⎢⎢⎣

1 − TfR

L
Tf ωe(k)

−Tf ωe(k) 1 − TfR

L

⎤
⎥⎥⎦ , Be =

⎡
⎢⎢⎣
Tf
L

0

0
Tf
L

⎤
⎥⎥⎦ ,

Ee =

⎡
⎣ 0

−Tf ωe(k)
L

ψf

⎤
⎦ , Ce =

[
1 0

0 1

]
.

The objectives of the MPCC are summarized as follows:
1) torque by ampere optimization (the first term of cost func-

tion);
2) torque current reference tracking (the second term); and
3) current magnitude limitation (the last term).
These objectives can be expressed as the following cost

function:

g = Q1(id (k + 1))2 +Q2
(
i∗q − iq (k + 1)

)2

+ f̂ (id (k + 1) , iq (k + 1)) (10)

where g is the value corresponding to the voltage vector at the (k
+ 1)th sampling time. Q1 and Q2 are the weighting factors of d-
and q-axis currents. iq∗ is the current reference in the quadrature
axis at the (k + 1)th sampling period. It is obtained from an
external control loop. The nonlinear function for limiting the
amplitude of the stator current is defined as follows:

f̂ (id (k + 1) , iq (k + 1))

=

{
∞ if |id(k + 1)| > imax or |iq (k + 1)| > imax

0 if |id(k + 1)| ≤ imax and |iq (k + 1)| ≤ imax .

(11)

III. GENERAL MULTI-TIMESCALE ANALYSIS

The PMSM drive system is divided into fast and slow sub-
systems according to the difference between mechanical and
electrical time constants. The external speed loop is the slow-
sampling model, and the internal current loop is the fast-
sampling model. This scheme can be extended to a general
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multi-timescale system including a slow model and a fast model
based on their state-space model.

For a general two-timescale control system, the state-space
model of two systems can be described as follows:

Slow-sampling model

xs (k + 1) = Asxs (k) +Bsu (k)

ys (k) = Csxs (k) . (12)

Fast-sampling model

xf (k + 1) = Af xf (k) +Bf u(k)

yf (k) = Cf xf (k). (13)

The subscript denotes the model: “s” represents the slow-
sampling model and “f” represents the fast-sampling model.
For the convenience of analyzing the coupling relationship be-
tween the two-timescale models, some parameters are defined
as follows:

1) Ts = nTf ;;
2) Pf and Ps are the prediction horizons of the slow-

sampling model and fast-sampling model, respectively;
3) Pf ≤ Ts/Tf ; and
4) u(k) represents the control variables of fast and slow mod-

els. It consists of the state variable at previous instant and
the increments of control variables of fast and slow model
at current instant, as shown in the following equation:

u(k) = u(k − 1) + Δuf (k) + Δus(k) (14)

where Δuf (k) is the control increments of the fast model cal-
culated at fast prediction instants, and Δus(k) is the control
increments of the slow model calculated at slow prediction in-
stants.

Both slow-sampling model and fast-sampling model predict
the future value according to the prediction horizons at each
sampling instant. The timing diagram of the subsystem is shown
in Fig. 3. At the Kth sampling instant of the slow model, as
shown in Fig. 3(a), the slow prediction instants are the (K +
1)th, (K + 2)th . . . , (K + Ps)th instants. Similarly, at the kth
sampling instant of the fast model, as shown in Fig. 3(b), the fast
prediction instants are the (k + 1)th, (k + 2)th . . . , (k + Pf )th
instants.

In two-timescale system, the sampling is divided into two
categories: synchronous sampling and asynchronous sampling,
as shown in Fig. 4. The asynchronous sampling instants
are uniformly distributed between two synchronous sampling
instants.

A. Synchronous Sampling

For synchronous sampling, both slow model and fast model
predict the future and output the prediction sequences. The pre-
diction sequence calculated by the slow-sampling model affects
the output of the fast-sampling model and vice versa. As a result,
the control effect of the system depends on the superposition
of fast-sampling model prediction and slow-sampling model
prediction. All the prediction instants for both models are ana-
lyzed in detail in this section.

Fig. 3. Timing diagram of each subsystem. (a) Slow-sampling model.
(b) Fast-sampling model.

Fig. 4. Timing diagram of sampling instant in the two-timescale system.

Considering the coupling between the slow-sampling model
and fast-sampling model, at the Kth or kth sampling instant,
the prediction sequence is divided into four categories as
follows.

1) The prediction sequence Y s
s (K) of the slow-sampling

model for the Ps th slow prediction instants.
2) The prediction sequence Y f

f (k) of the fast-sampling
model for the Pf th fast prediction instants.

3) The prediction sequence Y f
s (k) of the slow-sampling

model for the Pf th fast prediction instants.
4) The prediction sequence Y s

f (K) of the fast-sampling
model for the Ps th slow prediction instants.

Y represents the prediction sequence generated by pre-
diction models (12) and (13). The superscript denotes the
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prediction instants: “f” represents the fast prediction instants
and “s” represents the slow prediction instants. The subscript
denotes the model: “f” represents the fast-sampling model and
“s” represents the slow-sampling model.

A general cost function of the system is described as follows:

min gs = ‖Y s(k) − Yref 1(k)‖2 +
∥∥Y f (k) − Yref 2(k)

∥∥2

(15)
where Y s(K) are the predictions for the Ps th slow prediction
instants and

Y s (K) =

[
Y s
s (K)

Y s
f (K)

]
,

Y s
s (K) =

⎡
⎢⎢⎢⎢⎢⎣

yss (K + 1 |K )

yss (K + 2 |K )

...

yss (K + Ps |K )

⎤
⎥⎥⎥⎥⎥⎦
,

Y s
f (K) =

⎡
⎢⎢⎢⎢⎢⎣

ysf (K + 1 |K )

ysf (K + 2 |K )

...

ysf (K + Ps |K )

⎤
⎥⎥⎥⎥⎥⎦

where Y f (k) are the predictions for the Pf th fast prediction
instants and

Y f (k) =

[
Y f
f (k)
Y f
s (k)

]
,

Y f
f (k) =

⎡
⎢⎢⎢⎢⎢⎣

yff (k + 1 |k )

yff (k + 2 |k )
...

yff (k + Pf |k )

⎤
⎥⎥⎥⎥⎥⎦
,

Y f
s (k) =

⎡
⎢⎢⎢⎢⎣

yfs (k + 1 |k )
yfs (k + 2 |k )

...

yfs (k + Pf |k )

⎤
⎥⎥⎥⎥⎦ .

Yref1(k) and Yref2 (k) are the system references for the slow pre-
diction instants and fast prediction instants, respectively. They
are the tracking targets at each prediction instant, which are
obtained from system setting or external loop command.

1) Prediction Sequence Y s
s (K) of the Slow-Sampling Model

for the Ps th Slow Prediction Instants: The prediction sequence
Y s
s (K) is the conventional prediction of the slow-sampling

model, which is shown in Fig. 5. It is calculated by using (12)
and (14) as follows, (16) shown at the bottom of this page.

Y s
s (K) =

⎡
⎢⎢⎢⎢⎣

yss (K + 1 |K )
yss (K + 2 |K )

...

yss (K + Ps |K )

⎤
⎥⎥⎥⎥⎦ =

⎡
⎢⎢⎢⎢⎣

CsAs

CsA
2
s

...

CsA
Ps
s

⎤
⎥⎥⎥⎥⎦xs(K) +

⎡
⎢⎢⎢⎢⎢⎢⎢⎣

CsBs

Cs (AsBs +Bs)
...

Cs

Ps−1∑
i=0

Ai
sBs

⎤
⎥⎥⎥⎥⎥⎥⎥⎦
u(K − 1)

(Sss ) (Ssu )

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CsBs

Cs (AsBs +Bs) CsBs

...
...

. . .

Cs

Ms−1∑
i=0

Ai
sBs Cs

Ms−2∑
i=0

Ai
sBs · · · CsBs

Cs

Ms∑
i=0

Ai
sBs Cs

Ms−1∑
i=0

Ai
sBs · · · Cs (AsBs +Bs)

...
...

...

Cs

Ps−1∑
i=0

Ai
sBs Cs

Ps−2∑
i=0

Ai
sBs · · · Cs

Ps−Ms∑
i=0

Ai
sBs

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

(D1 ∗ Uf (K) + Us(K))

(SsΔu ) (16)
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Fig. 5. Timing diagram of prediction sequence Y s
s (K ).

where

Uf (K) =

⎡
⎢⎢⎢⎢⎣

Δuf (K |K )
Δuf (K + 1 |K )

...

Δuf (K +Mf − 1 |K )

⎤
⎥⎥⎥⎥⎦ ,

Us (K) =

⎡
⎢⎢⎢⎢⎣

Δus (K |K )
Δus (K + 1 |K )

...

Δus (K +Ms − 1 |K )

⎤
⎥⎥⎥⎥⎦ ,

D1 =

⎡
⎢⎢⎢⎣

1 0 · · · 0
0 · · · · · · 0
...

...
0 · · · · · · 0

⎤
⎥⎥⎥⎦
Ms ∗Mf

Fig. 6. Timing diagram of prediction sequence Y f
f

(k).

where Ms is the maximum iteration length of the slow model
and when i ≥Ms , Δus(K + i|K) = 0.

Above equation can be written in the following general form:

Y s
s (K)

= Sss xs (K) + Ssuu (K − 1) + SsΔu (D1Uf (K) + Us (K))

= Y s
s0 (K) + SsΔu (D1Uf (K) + Us (K)) . (17)

At this moment, the outputs of the slow-sampling model are
affected by the control increments Us(K) and the first item
Δuf (K|K) of the control increments Uf (K).

2) Prediction Sequence Y f
f (k) of the Fast-Sampling Model

for the Pf th Fast Prediction Instants: The sequence Y f
f (k) is

the conventional prediction of the fast-sampling model, which
is shown in Fig. 6. It is calculated by using (13) and (14) as
follows, (18) shown at the bottom of this page.

Y f
f (k) =

⎡
⎢⎢⎢⎢⎣

yff (k + 1 |k )
yff (k + 2 |k )

...
yff (k + Pf |k )

⎤
⎥⎥⎥⎥⎦ =

⎡
⎢⎢⎢⎣
CfAf

CfA
2
f

...
CfA

Pf
f

⎤
⎥⎥⎥⎦xf (k) +

⎡
⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf )
...

Cf

Pf −1∑
i=0

Ai
fBf

⎤
⎥⎥⎥⎥⎥⎥⎦
u(k − 1)

(
Sff

) (
Sfu

)

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf ) CfBf

...
...

. . .

Cf

Mf −1∑
i=0

Ai
fBf Cf

Mf −2∑
i=0

Ai
fBf · · · CfBf

Cf

Mf∑
i=0

Ai
fBf Cf

Mf −1∑
i=0

Ai
fBf · · · Cf (AfBf +Bf )

...
...

...

Cf

Pf −1∑
i=0

Ai
fBf Cf

Pf −2∑
i=0

Ai
fBf · · · Cf

Pf −Mf∑
i=0

Ai
fBf

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

(Uf (k) +D2 ∗ Us (k))

(
SfΔu

)
(18)
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Fig. 7. Timing diagram of prediction sequence Y f
s (k).

where

Uf (k) =

⎡
⎢⎢⎢⎢⎢⎣

Δuf (k |k )

Δuf (k + 1 |k )
...

Δuf (k +Mf − 1 |k )

⎤
⎥⎥⎥⎥⎥⎦
,

Us (k) =

⎡
⎢⎢⎢⎢⎢⎣

Δus (k |k )

Δus (k + 1 |k )
...

Δus (k +Ms − 1 |k )

⎤
⎥⎥⎥⎥⎥⎦
,

D2 =

⎡
⎢⎢⎢⎢⎢⎣

1 0 · · · 0

0 · · · · · · 0
...

...

0 · · · · · · 0

⎤
⎥⎥⎥⎥⎥⎦
Mf ∗Ms

where Mf is the maximum iteration length of the fast model
and when i ≥Mf , Δuf (k + i|k) = 0.

Above equation can be written in the following general form:

Y f
f (k) = Sff xf (k) + Sfu u(k − 1) + SfΔu (Uf (k) +D2Us(k))

= Y f
f 0(k) + SfΔu (Uf (k) +D2Us(k)). (19)

Like the slow-sampling model prediction, the outputs of the
fast-sampling model are affected by the control increments
Uf (k) and the first item Δus(k|k) of the control increments
Us(k).

3) Prediction Sequence Y f
s (k) of the Slow-Sampling Model

for thePf th fast Prediction Instants: The slow-sampling model
does not make prediction for the fast prediction instants (k +
1, k + 2 . . . , k + Pf ), as shown in Fig. 7. Therefore, in the
conventional method, the outputs of the slow-sampling model
for fast prediction instants are the same, which are equal to the
prediction at the kth instant. This paper proposes an estimation
method based on virtual instants to generate the approximate
prediction sequence for fast prediction instants according to the

measurements and the prediction of the slow model for slow
prediction instants.

At T = 0 instant, as shown in Fig. 8, the first prediction of
the slow-sampling model at Ts instant is yss (1) according to
(16). y ms(0) is the measurements of the slow model at the
0 th instant. First, a series of virtual instants in Ts period is
conducted, which corresponds to the fast prediction instants.
Second, a linear function is conducted to approximate the pre-
diction sequence yfs (k) as follows:

yfs (k) = y ms (0) +
k

n
(yss (1) − y ms (0)) . (20)

In general, in order to use this estimation method, the predic-
tion sequence Y s

s (K) of the slow-sampling model for the Ps th
slow prediction instants should be obtained at first [see (16)].
Then, the first term yss (K + 1|K) of prediction sequenceY s

s (K)
is used in the estimation of the prediction sequence yfs (k + l|k)
of the slow-sampling model for the lth instants, which can be
extended as follows:

yfs (k + l |k )

= y ms (K) +
l

n
(yss (K + 1 |K ) − y ms (K)) (21)

where l = 1, 2 . . . , Pf , and y ms(K) is the measurement of the
slow model at the Kth instant.

As a result, the prediction sequence Y f
s (k) of the slow-

sampling model for Pf th fast prediction instants can be derived
as follows:

Y f
s (k) =

⎡
⎢⎢⎢⎣
yfs (k + 1 |k )
yfs (k + 2 |k )

...
yfs (k + Pf |k )

⎤
⎥⎥⎥⎦ =

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

n− 1
n

n− 2
n
...

n− Pf
n

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦
y ms (K)

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

1
n

2
n
...
Pf
n

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

(CsAsxs(K) + CsBsuf (K − 1))

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

1
n

2
n
...

Pf
n

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

CsBs (Δuf (K |K ) + Δus (K |K )) .

(22)
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Fig. 8. Timing diagram of the proposed estimation method for prediction
sequence yfs (k).

Fig. 9. Timing diagram of prediction sequence Y s
f (K ).

Above equation can be written in the following general form:

Y f
s (k) = Y f

s0 (K) +

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

1
n

2
n
...

Pf
n

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦
CsBs

[
1 0 · · · 0

]
1∗Ms

∗ (D1 ∗ Uf (K) + Us (K)) . (23)

4) Prediction Sequence Y s
f (K) of the Fast-Sampling Model

for the Ps th Slow Prediction Instants: The timing diagram of
prediction sequence Y s

f (K) is shown in Fig. 9. The prediction
sequence of the fast-sampling model for the (Ps × n)th instants
Y f
f 1(k) should be obtained at first, which is given as follows:

Y f
f 1(k) =

⎡
⎢⎢⎢⎢⎣

yff 1 (k + 1 |k )
yff 1 (k + 2 |k )

...
yff 1 (k + nPs |k )

⎤
⎥⎥⎥⎥⎦ .

The relationship between Y s
f (K) and Y f

f 1(k) is shown as
follows:

Y s
f (K) =

⎡
⎢⎢⎢⎣
ysf (K + 1 |K )
ysf (K + 2 |K )

...
ysf (K + Ps |K )

⎤
⎥⎥⎥⎦ =

⎡
⎢⎢⎢⎢⎣

yff 1 (k + n |k )
yff 1 (k + 2n |k )

...
yff 1 (k + nPs |k )

⎤
⎥⎥⎥⎥⎦ (24)

Fig. 10. Timing diagram of prediction sequence Y f
f

(k + i).

Equation (25) is shown at the top of the next page.
Above equation can be written in the following general form:

Y f
f 1(k) = Sff 1xf (k)+S

f
u1u(k− 1) +SfΔu1(Uf (k)+D2Us(k))

= Y f
f 10(k) + SfΔu1(Uf (k) +D2Us(k)). (26)

According to the relationship in (24), the prediction sequence
of the fast-sampling model for slow prediction instants can be
reorganized from (26) as follows:

Y s
f (K)

= Ssf 2xf (K) + Ssu2u(K − 1) + SsΔu2(Uf (K) +D2Us(K))

= Y s
f 0(K) + SsΔu2(Uf (K) +D2Us(K)). (27)

B. Asynchronous Sampling

For the asynchronous sampling, the prediction sequences are
only for the fast prediction instants as shown in Fig. 10. The
control effect of the system depends on the prediction of the
fast-sampling model and the estimation of the slow-sampling
model.

The kth instant and the (k + n)th instant in the fast model are
the synchronous sampling instants, as shown in Fig. 10. The (k
+ 1)th, (k + 2)th . . . , (k + n – 1)th instants in the fast model
are the asynchronous sampling instants. The (k + i + 1)th, (k
+ i + 2)th . . . , (k + i+ Pf )th instants are termed as the fast
prediction instants for the (k + i)th sampling instant.

Considering the coupling relationship between the slow-
sampling model and fast-sampling model, the prediction se-
quence is divided into two categories as follows.

1) The prediction sequence Y f
f (k + i) of the fast-sampling

model for the Pf th fast prediction instants.
2) The prediction sequence Y f

s (k + i) of the slow-sampling
model for the Pf th fast prediction instants.

Y represents the prediction sequence generated by the pre-
diction models (12) and (13). The superscript “f” represents
fast prediction instants. The subscript denotes the model: “f”
represents the fast-sampling model and “s” represents the slow-
sampling model. “k + i” in parentheses represents the asyn-
chronous sampling instant and i = 1, 2 . . . , n – 1.
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Y f
f 1(k) =

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

yff (k + 1 |k )

yff (k + 2 |k )

...

yff (k + Pf |k )

...

yff (k + n+ 1 |k )

...

yff (k + Psn |k )

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

=

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfAf

CfA
2
f

...

CfA
Pf
f

...

CfA
n+1
f

...

CfA
nPs
f

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

xf (k) +

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf )

...

Cf

Pf −1∑
i=0

Ai
fBf

...

Cf

n∑
i=0

Ai
fBf

...

Cf

nPs−1∑
i=0

Ai
fBf

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

u (k − 1)

(
Sff 1

) (
Sfu1

)

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf ) CfBf

...
...

. . .

Cf

Pf −1∑
i=0

Ai
fBf Cf

Pf −2∑
i=0

Ai
fBf · · · CfBf

...
...

. . .

Cf

n∑
i=0

Ai
fBf Cf

n−1∑
i=0

Ai
fBf · · · · · · · · · CfBf

...
...

. . .

Cf

nPs−1∑
i=0

Ai
fBf Cf

nPs−2∑
i=0

Ai
fBf · · · · · · · · · · · · · · · CfBf

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

(Uf (k) +D2 ∗ Us(k)).

(SfΔu1) (25)

The general cost function of the system is described as
follows:

min ga =
∥∥Y f (k + i) − Yref (k + i)

∥∥2
(28)

where

Y f (k + i) =

[
Y f
f (k + i)

Y f
s (k + i)

]
,

Y f
f (k + i) =

⎡
⎢⎢⎢⎢⎢⎢⎣

yff (k + i+ 1 |k + i )

yff (k + i+ 2 |k + i )
...

yff (k + i+ Pf |k + i )

⎤
⎥⎥⎥⎥⎥⎥⎦
,

Y f
s (k + i) =

⎡
⎢⎢⎢⎢⎢⎣

yfs (k + i+ 1 |k + i )

yfs (k + i+ 2 |k + i )
...

yfs (k + i+ Pf |k + i )

⎤
⎥⎥⎥⎥⎥⎦
, i = 1, 2 . . . , n− 1

where Yf(k + i) are the predictions for the Pf th fast prediction
instants. Yref (k + i) are the system reference of the fast-sampling
model and slow-sampling model.

1) Prediction Sequence Y f
f (k + i) of the Fast-Sampling

Model for the Pf th Fast Prediction Instants: The sequence
Y f
f (k + i) is the conventional prediction of the fast-sampling

model, which is shown in Fig. 10. It is calculated by using (13)
and (14) as follows, (29) shown at the top of the next page.
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Y f
f (k + i) =

⎡
⎢⎢⎢⎢⎢⎢⎣

yff (k + i+ 1 |k + i )

yff (k + i+ 2 |k + i )
...

yff (k + i+ Pf |k + i )

⎤
⎥⎥⎥⎥⎥⎥⎦

=

⎡
⎢⎢⎢⎢⎢⎣

CfAf

CfA
2
f

...

CfA
Pf
f

⎤
⎥⎥⎥⎥⎥⎦
xf (k + i) +

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf )
...

Cf

Pf −1∑
i=0

Ai
fBf

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎦
u (k + i− 1)

(
Sff

) (
Sfu

)

+

⎡
⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎢⎣

CfBf

Cf (AfBf +Bf ) CfBf

...
...

. . .

Cf

Mf −1∑
j=0

Aj
fBf Cf

Mf −2∑
j=0

Aj
fBf · · · CfBf

Cf

Mf∑
j=0

Aj
fBf Cf

Mf −1∑
j=0

Aj
fBf · · · Cf (AfBf +Bf )

...
...

...

Cf

Pf −1∑
j=0

Aj
fBf Cf

Pf −2∑
j=0

Aj
fBf · · · Cf

Pf −Mf∑
j=0

Aj
fBf

⎤
⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎥⎦

ΔUf (k + i)

(
SfΔu

)
(29)

where

ΔUf (k + i) =

⎡
⎢⎢⎢⎣

Δuf (k + i |k + i )
Δuf (k + i+ 1 |k + i )

...
Δuf (k + i+Mf − 1 |k + i)

⎤
⎥⎥⎥⎦ .

Above equation can be written in the following general form:

Y f
f (k + i)

= Sff xf (k + i) + Sfu u(k + i− 1) + SfΔuΔUf (k + i)

= Y f
f 0(k + i) + SfΔuΔUf (k + i). (30)

2) Prediction Sequence Y f
s (k + i) of the Slow-Sampling

Model for the Pf th Fast Prediction Instants: The slow-
sampling model does not make prediction for the fast prediction
instants (k + i + 1, k + i + 2 . . . , k + i+ Pf ), as shown in Fig.
11. As previously mentioned, the estimation method that con-
ducts a linear function to approximate the prediction sequence
according to the measurements and the prediction of the slow
model for slow prediction instants is proposed.

At the kth instant, as shown in Fig. 11, the first predic-
tion of the slow-sampling model is yss0(K + 1|K) according
to (16). y ms0(K) is the measurements of the slow model at
the Kth instant. First, a series of virtual instants are conducted,
which are corresponding to the fast prediction instants. Second,
a linear function is conducted to approximate the prediction

Fig. 11. Timing diagram of the proposed estimation method for prediction
sequence Y f

s (k + i).

sequence Y f
s (k + i)

yfs (k + i+ l |k + i )

= y ms0(K) +
i+ l

n
(yss0(K + 1 |K ) − y ms0(K)) (31)

where l = 1, 2 . . . , Pf .

C. MPC With MTO

Based on the analysis mentioned above, the coupling be-
tween the two-timescale models in the prediction step is
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TABLE I
COMPARISON BETWEEN MPC AND MPC-MTO

decomposed into several prediction sequences. The MPC-MTO
is proposed in this paper, considering all the prediction se-
quences at specific prediction instants. Table I shows the dif-
ference between the conventional MPC and MPC-MTO. In the
proposed method, the linear estimation method based on virtual
instants is proposed to calculate the prediction sequence of the
slow-sampling model for fast prediction instants (Y f

s (k) and
Y f
s (k + i)). The long horizon model prediction is performed

to calculate the prediction sequence of the fast-sampling model
for slow prediction instants (Y s

f (k)). The complete and accu-
rate prediction sequence is the key issue in a multi-timescale
system.

In order to demonstrate the relationship among prediction se-
quences, the data stream of the proposed MPC-MTO is designed
in Fig. 12 based on the cascaded structure. The prediction se-
quence of the slow-sampling model for slow prediction instants
(Y s

s (K)) is calculated first based on the reference with sys-
tem setting. Then, the prediction sequence of the slow-sampling
model for fast prediction instants (Y f

s (k) and Y f
s (k + i)) is

calculated, which reflects the intermediate state between two
slow-sampling intants. It is the reference for the internal control
loop and improves the prediction accuracy of the fast-sampling
model. The system output is eventually determined by the cost
function with prediction sequence of the fast-sampling model
(Y f

f (k) and Y f
f (k + i)) in this cascaded structure.

At steady-state operation, the variables of the slow-sampling
model change less and trend to be stable. Then, the prediction
sequence (Y f

s (k) and Y f
s (k + i)) of the slow-sampling model

for fast prediciton instants trends to be the same as prediction se-
quence (Y s

s (K)). Hence, it has little influence on the prediction
of the fast-sampling model and system output. The steady-state
performances are similar for both conventional and proposed
methods.

However, at the dynamic-state operation, the variables of
fast and slow models change tremendously. The conventional
method that lacks in the intermediate state for fast-sampling
instant can only use the prediction sequence for slow-sampling
instant (Y s

s (K)) to do the prediction of fast-sampling model.
Considering the difference in timescale between the two models,
the prediction accuracy is weakened. The proposed MPC-MTO
with coupling terms (Y f

s (k) and Y f
s (k + i)), on the contrary,

can improve the prediction accuracy of the fast-sampling model
effectively. The dynamic performance is improved compared
with the conventional MPC.

Fig. 12. Data stream of prediction sequence of the proposed MPC-MTO.
(a) Synchronous sampling. (b) Asynchronous sampling.

IV. DELAY COMPENSATION

In a digital control implementation, there is a one-step inher-
ent delay between the calculation and output, for both external
speed loop and internal current loop. Based on the cascaded
structure, in this paper, the cost function that determines the
system output only contains the current prediction sequences.

For the internal current loop, the one-step delay usually exists
between the applied voltage vector and the selected best voltage
[18]. In general, the model-based two-step prediction is adopted
to eliminate the side effect caused by the one-step delay [22].
The stator current at the (k + 1)th instant is predicted first based
on (10); then the predicted current i(k + 1) is served as the initial
value to obtain the current at the (k + 2)th instant using (10).
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TABLE II
MAIN SYSTEM PARAMETERS

The final cost function should be modified as follows by con-
sidering the one-step delay in practical application:

g′ = Q1(id(k + 2))2 +Q2(i∗q − iq (k + 2))2

+ f̂(id(k + 2), iq (k + 2)). (32)

For the external speed loop, the one-step delay influences the
outputs of current reference order. The current references with
time delay are involved in the calculation of internal current
loop.

According to the feature of strict timing constraints and flexi-
ble sampling time control, one optimization method designated
for the implementation on an FPGA is proposed. The calculation
time of speed loop in one sampling period is measurable and
fixed inside the FPGA because of the pipelined parallel circuit
structure. Usually, it is in nanosecond timescale and far less than
sampling time of the fast model. Once the speed loop calcula-
tion is finished, the status of the slow subsystem holds, which
means that the result of current reference in this control step
is already uploaded in a register, waiting to be triggered. With
the aid of the flexible sampling time control of an FPGA, the
sampling clock of current loop can serve as the trigger to realize
variable transfer from speed loop to current loop. This operation
avoids the delay of data holding and the computational burden
of FPGA remains the same.

V. EXPERIMENTAL RESULTS

In order to validate the performance of the developed method
experimentally, an experimental setup was employed. A five-
pole-pair surface-mounted PMSM is supplied by a 2L-VSI. Ta-
ble II summarizes the main characteristics of the test bench.
The shaft of the motor is mechanically connected to a torque
transducer and a same PMSM load. The incremental encoder
is fixed on the shaft to obtain the rotor position. The proces-
sor board is accompanied by a high-speed A/D interface, an
incremental encoder interface, a digital output interface, and
a universal asynchronous receiver/transmitter (UART) inter-

Fig. 13. Block diagram of the experimental setup.

Fig. 14. Experimental setup.

face. The main controller board receives and processes the sig-
nals from the current and voltage transducers as well as the
pulse series generated by the encoder. The circuit connection
of the test bench is shown in the block diagram of Fig. 13, and
Fig. 14 depicts the experimental setup used for the validation of
the developed control strategy.

The control algorithm, which is written in Verilog language,
is implemented on a Xilinx Zynq (xc7z020) [25]. The CORDIC
(Coordinate Rotation Digital Computer) algorithm is used for
the calculation of the trigonometric and quadratic functions. The
sampling time for current loop is 50 μs, whereas the speed loop
runs at sampling time of 500 μs. Both conventional and pro-
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Fig. 15. Speed reversal from 2000 to –2000 r/min with no load. (a) Proposed
PSC-MTO. (b) Conventional PSC.

posed calculation algorithms are realized in a pipelined parallel
architecture. Experimental test shows that the entire number
of pipelined parallel steps of the proposed method is 41, which
means 0.82 μs for a complete calculation. The proposed method
with more computation is conducted at the cost of additional
digital resources.

In this section, the developed predictive speed and current
control (PSC) with MTO (PSC-MTO) is experimentally evalu-
ated and compared with the conventional PSC [19]. The control
parameters for both methods are the same, which are shown
in Table II. Four different tests are performed: first, no-load
speed reversal; second, speed reference change with 1 N·m load
torque; third, load torque change; and fourth, steady-state oper-
ation with nominal load torque.

The performance of the proposed method is examined under
speed reversal from 2000 to –2000 r/min without load torque.
The purpose is to examine the dynamic speed change charac-
teristics eliminating the impact of the load torque. Both PSC
and proposed PSC-MTO exhibit the fast dynamic response, as
shown in Fig. 15. The speed does not have any appreciable
overshoot when the reversing maneuver is performed. How-
ever, there is a noticeable current spike of iq with 5 A at the end
of the reversing maneuver in PSC, which also results in a slight
speed overshoot with 70 r/min. The proposed PSC-MTO can
maintain the steady current control because of the optimization
for prediction sequence with multi-timescale.

In the next step, different speed reference steps are applied to
the system. The reference steps are 20%, 50%, and 90% of the
rated speed with 1-N·m load. The comparison results are shown
in Figs. 16–18, whereas all response characteristics are tabulated
in Table III. Moreover, the torque, dq currents are shown. Both
methods demonstrate satisfactory dynamic behavior. The dq
currents are decoupled and both track their references fast during
transient.

When the speed reference steps are applied, the tracking is
dominant. Thus, the high torque is applied by the control of
iq until the speed error becomes small. When the reference
steps are arrived, the lowest admissible current is applied to

Fig. 16. Step speed change from 0 to 600 r/min with 1-N·m load torque.
(a) Proposed PSC-MTO. (b) Conventional PSC.

Fig. 17. Step speed change from 0 to 1500 r/min with 1-N·m load torque.
(a) Proposed PSC-MTO. (b) Conventional PSC.

maintain the speed and load torque. Because of the mismatching
of speed prediction and current prediction with multi-timescale,
there are obvious iq current spike and speed overshoot in PSC.
Nevertheless, these are optimized in the proposed PSC-MTO.
The comparisons of speed in detail are also shown in Fig. 19. The
overshoot of PSC is the highest. Furthermore, compared with
the proposed PSC-MTO, there are still some speed oscillations
in PSC when arrived at the reference. The speed oscillation also
causes the larger current ripples in this cascaded structure.

The impact of load torque is shown in Fig. 20. A load torque
step 1 N·m is applied at 600 r/min. Both methods have some
speed overshoot when the load torque changes, whereas the
proposed PSC-MTO demonstrates a smaller overshoot with 38
r/min, compared with the conventional PSC with 51 r/min. There
are also noticeable current and torque spikes in the conventional
PSC, which are optimized in the proposed PSC-MTO.
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Fig. 18. Step speed change from 0 to 2700 r/min with 1-N·m load torque.
(a) Proposed PSC-MTO. (b) Conventional PSC.

TABLE III
RESPONSE CHARACTERISTICS OF SPEED REFERENCE CHANGE

Fig. 19. Speed comparison between PSC-MTO and PSC. Zoom in the result
of Figs. 16–18 (from top to bottom).

Fig. 20. Load torque change from 0 to 1 N·m, then to 0 N·m. (a) Proposed
PSC-MTO. (b) Conventional PSC.

Fig. 21. Steady-state operation at speed of 90% of the rated value with
2.3-N·m nominal load torque. (a) Proposed PSC-MTO. (b) Conventional PSC.

At steady-state operation with nominal load, the torque of mo-
tor is 2.3 N·m and the speed is 90% of the rated speed. The speed,
torque, dq currents, and phase currents of the motor for both ex-
amined methods are shown in Fig. 21. The result shows that
the speeds for both methods are stable, without offset. Since the
speed is steady, the speed prediction has little effect on current
prediction. Both methods express the similar performance on
current. The internal current controllers for the quadrature and
direct stator currents track the reference well. The phase current
has a sinusoidal waveform without distortion. Combined with
the steady-state performance in speed reference change test,
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the proposed method achieves a similar or even better overall
steady-state performance over a wide speed range.

VI. CONCLUSION

This paper presents a cascaded PSC-MTO for a permanent-
magnet synchronous motor. According to the different mechan-
ical and electrical time constants in PMSM drives, a cascaded
structure is designed to predict the speed and current, and differ-
ent sampling times are assigned accordingly. In order to solve
the coupling between the two-timescale models, the predictions
of both slow and fast models for all the prediction instants are
analyzed in detail. A linear estimation method based on vir-
tual instants is proposed to improve the accuracy of the slow-
sampling model for fast prediction instants. The data stream of
the proposed method is designed based on the cascaded struc-
ture. Finally, the presented scheme is validated by experimental
results with a better dynamic performance compared with con-
ventional PSC. The developed method also exhibits the similar
or even better overall steady-state performance over a wide
speed range.

REFERENCES

[1] P. Kakosimos and H. Abu-Rub, “Predictive speed control with short pre-
diction horizon for permanent magnet synchronous motor drives,” IEEE
Trans. Power Electron., vol. 33, no. 3, pp. 2740–2750, Mar. 2018.

[2] W. Tu, G. Luo, R. Zhang, Z. Chen, and R. Kennel, “Finite-control-set
model predictive current control for PMSM using grey prediction,” in
Proc. IEEE Energy Convers. Congr. Expo., Milwaukee, WI, USA, 2016,
pp. 1–7.

[3] G. Luo, R. Zhang, Z. Chen, W. Tu, S. Zhang, and R. Kennel, “A novel
nonlinear modeling method for permanent-magnet synchronous motors,”
IEEE Trans. Ind. Electron., vol. 63, no. 10, pp. 6490–6498, Oct. 2016.

[4] J. Holtz, “Advanced PWM and predictive control—An overview,”
IEEE Trans. Ind. Electron., vol. 63, no. 6, pp. 3837–3844,
Jun. 2016.

[5] Y. Zhang, D. Xu, and L. Huang, “Generalized multiple-vector-based model
predictive control for PMSM drives,” IEEE Trans. Ind. Electron., vol. 65,
no. 12, pp. 9356–9366, Dec. 2018.

[6] M. Preindl and S. Bolognani, “Model predictive direct speed control with
finite control set of PMSM drive systems,” IEEE Trans. Power Electron.,
vol. 28, no. 2, pp. 1007–1015, Feb. 2013.

[7] J. Richter and M. Doppelbauer, “Predictive trajectory control of
permanent-magnet synchronous machines with nonlinear magnetics,”
IEEE Trans. Ind. Electron., vol. 63, no. 6, pp. 3915–3924, Jun. 2016.

[8] F. Wang et al., “Finite control set model predictive torque control of
induction machine with a robust adaptive observer,” IEEE Trans. Ind.
Electron., vol. 64, no. 4, pp. 2631–2641, Apr. 2017.

[9] A. Linder, R. Kanchan, R. Kennel, and P. Stolze, Model-Based Predictive
Control of Electric Drives. Göttingen, Germany: Cuvillier Verlag, 2010.

[10] P. Cortes, M. Kazmierkowski, R. Kennel, D. Quevedo, and J. Rodriguez,
“Predictive control in power electronics and drives,” IEEE Trans. Ind.
Electron., vol. 55, no. 12, pp. 4312–4324, Dec. 2008.

[11] S. Vazquez, J. Rodriguez, M. Rivera, L. G. Franquelo, and M. Noram-
buena, “Model predictive control for power converters and drives: Ad-
vances and trends,” IEEE Trans. Ind. Electron., vol. 64, no. 2, pp. 935–947,
Feb. 2017.

[12] T. Geyer, “Model predictive direct current control: formulation of the
stator current bounds and the concept of the switching horizon,” IEEE
Ind. Appl. Mag., vol. 18, no. 2, pp. 47–59, Mar. 2012.

[13] E. J. Fuentes, C. A. Silva, and J. I. Yuz, “Predictive speed control of a two-
mass system driven by a permanent magnet synchronous motor,” IEEE
Trans. Ind. Electron., vol. 59, no. 7, pp. 2840–2848, Jul. 2012.

[14] E. Fuentes, C. Silva, and R. Kennel, “MPC implementation of a quasitime-
optimal speed control for a PMSM Drive, with inner modulated FS-MPC
torque control,” IEEE Trans. Ind. Electron., vol. 63, no. 6, pp. 3897–3905,
Jun. 2016.

[15] C. Garcia, J. Rodriguez, C. Silva, C. Rojas, P. Zanchetta, and H. Abu-
Rub, “Full predictive cascaded speed and current control of an induction
machine,” IEEE Trans. Energy Convers., vol. 31, no. 3, pp. 1059–1067,
Sep. 2016.

[16] A. Darba, F. D. Belie, P. D’haese, and J. A. Melkebeek, “Improved dy-
namic behavior in BLDC drives using model predictive speed and cur-
rent control,” IEEE Trans. Ind. Electron., vol. 63, no. 2, pp. 728–740,
Feb. 2016.

[17] G. Stephanopoulos, O. Karsligil, and M. Dyer, “Multi-scale aspects in
model-predictive control,” J. Process Control, vol. 10, no. 2, pp. 275–282,
2000.

[18] A. Kurita et al., “Multiple time-scale power system dynamic simulation,”
IEEE Trans. Power Syst., vol. 8, no. 1, pp. 216–223, Feb. 1993.

[19] C. Garcia, C. Silva, J. Rodriguez, and P. Zanchetta, “Cascaded model
predictive speed control of a permanent magnet synchronous machine,” in
Proc. 42nd Annu. Conf. IEEE Ind. Electron. Soc., 2016, pp. 2714–2718.

[20] S. Carpiuc and C. Lazar, “Real-time multi-rate predictive cascade speed
control of synchronous machines in automotive electrical traction drives,”
IEEE Trans. Ind. Electron., vol. 63, no. 8, pp. 5133–5142, Aug. 2016.

[21] R. Errouissi, M. Ouhrouche, W. Chen, and A. M. Trzynadlowski, “Robust
cascaded nonlinear predictive control of a permanent magnet synchronous
motor with antiwindup compensator,” IEEE Trans. Ind. Electron., vol. 59,
no. 8, pp. 3078–3088, Aug. 2012.

[22] C. S. Lim, E. Levi, M. Jones, N. A. Rahim, and W. P. Hew, “FCS-MPC
based current control of a five-phase induction motor and its compari-
son with PI-PWM control,” IEEE Trans. Ind. Electron., vol. 61, no. 1,
pp. 149–163, Jan. 2014.

[23] J. Rodriguez et al., “Predictive current control of a voltage source inverter,”
IEEE Trans. Ind. Electron., vol. 54, no. 1, pp. 495–503, Feb. 2007.

[24] T. Vyncke, S. Thielemans, and J. Melkebeek, “Finite-set model based
predictive control for flying capacitor converters: Cost function design
and efficient FPGA implementation,” IEEE Trans. Ind. Inform., vol. 9,
no. 2, pp. 1113–1121, May 2013.

[25] Zynq-7000 All Programmable SoC Technical Reference Manual, Xilinx,
Inc., San Jose, CA, USA, 2015.

Wencong Tu (S’13) was born in Shaanxi, China,
in 1988. He received the B.S. and M.S. degrees
in electrical engineering from the Automation Fac-
ulty, Northwestern Polytechnical University (NPU),
Xi’an, China, in 2011 and 2014, respectively. Since
2013, he has been working toward the Ph.D. degree
in electrical engineering at NPU.

His research interests include predictive control
for power electronics and electric drives, real-time
simulation technology for electrical drive system, and
application of a field-programmable gate array based

digital controller.

Guangzhao Luo (M’08) received the M.S. and Ph.D.
degrees in electrical engineering from Northwest-
ern Polytechnical University (NPU), Xi’an, China,
in 1998 and 2003, respectively.

From 2003 to 2004, he was a Postdoctoral Re-
searcher with the University of Federal Defense,
Munich, Germany. He is currently a Professor with
NPU. He is the Vice-Director of the Rare Earth Per-
manent Magnet Electric Machine and Control En-
gineering Center, Shaanxi Province, China. His re-
search interests include advance control theory of a

permanent-magnet electrical machine, high performance control technology
of a permanent-magnet synchronous motor for electric traction and electric
vehicles, real-time simulation technology for electrical drive systems, and in-
telligence control of new energy conversion.

Dr. Luo was the recipient of the Second Prize from the China National De-
fense Science and Technology Progress Award in 1995 and 2011.



TU et al.: PREDICTIVE CASCADED SPEED AND CURRENT CONTROL FOR PMSM DRIVES WITH MULTI-TIMESCALE OPTIMIZATION 11061

Zhe Chen (M’13) was born in Shanxi, China, in
1986. He received the B.S. and M.S. degrees in
electrical engineering from the Automation Fac-
ulty, Northwestern Polytechnical University, Xi’an,
China, in 2008 and 2011, respectively, and the Ph.D.
degree from the Institute for Electrical Drive Sys-
tems and Power Electronics, Technical University of
Munich, Munich, Germany, in 2016.

Since 2017, he has been an Associate Professor
with Northwestern Polytechnical University. His re-
search interests include predictive control and sensor-

less control for power electronics and electric drives, renewable energy systems,
and application of field-programmable gate array based digital controllers.

Longran Cui was born in Henan, China, in 1993.
He is currently working toward the M.S. degree with
the Automation Faculty, Northwestern Polytechnical
University, Xi’an, China.

His main research interests are driving and con-
trolling of permanent-magnet synchronous motor and
application of power electronic devices.

Ralph Kennel (M’89–SM’96) was born in Kaiser-
slautern, Germany, in 1955. He received the Diploma
and the Dr.-Ing. (Ph.D.) degrees in electrical en-
gineering from the University of Kaiserslautern,
Kaiserslautern, Germany, in 1979 and 1984, respec-
tively.

From 1983 to 1999, he worked on several po-
sitions with Robert BOSCH GmbH, Stuttgart, Ger-
many. From 1994 to 1999, he was appointed as a
Visiting Professor with the Newcastle University,
Newcastle upon Tyne, U.K. From 1999 to 2008, he

was a Professor in electrical machines and drives with Wuppertal University,
Wuppertal, Germany. Since 2008, he has been a Professor in electrical drive
systems and power electronics with the Technische Universtät München, Mu-
nich, Germany. His current research interests are sensorless control of ac drives,
predictive control of power electronics, and hardware-in-the-loop systems.

Dr. Kennel is a Fellow of IET (former IEE) and a Chartered Engineer in the
U.K. Within IEEE, he is a Treasurer of the Germany section as well as ECCE
Global Partnership Chair of the Power Electronics Society.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /sRGB
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts false
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /Algerian
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialUnicodeMS
    /BaskOldFace
    /Batang
    /Bauhaus93
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BodoniMTPosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolSeven
    /BritannicBold
    /Broadway
    /BrushScriptMT
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /Centaur
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /Chiller-Regular
    /ColonnaMT
    /ComicSansMS
    /ComicSansMS-Bold
    /CooperBlack
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /EstrangeloEdessa
    /FootlightMTLight
    /FreestyleScript-Regular
    /Garamond
    /Garamond-Bold
    /Garamond-Italic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Impact
    /InformalRoman-Regular
    /Jokerman-Regular
    /JuiceITC-Regular
    /KristenITC-Regular
    /KuenstlerScript-Black
    /KuenstlerScript-Medium
    /KuenstlerScript-TwoBold
    /KunstlerScript
    /LatinWide
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSansUnicode
    /Magneto-Bold
    /MaturaMTScriptCapitals
    /MediciScriptLTStd
    /MicrosoftSansSerif
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MS-Mincho
    /MSReferenceSansSerif
    /MSReferenceSpecialty
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NuptialScript
    /OldEnglishTextMT
    /Onyx
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Parchment-Regular
    /Playbill
    /PMingLiU
    /PoorRichard-Regular
    /Ravie
    /ShowcardGothic-Reg
    /SimSun
    /SnapITC-Regular
    /Stencil
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /TempusSansITC
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanMTStd
    /TimesNewRomanMTStd-Bold
    /TimesNewRomanMTStd-BoldCond
    /TimesNewRomanMTStd-BoldIt
    /TimesNewRomanMTStd-Cond
    /TimesNewRomanMTStd-CondIt
    /TimesNewRomanMTStd-Italic
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VinerHandITC
    /Vivaldii
    /VladimirScript
    /Webdings
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /ZapfChanceryStd-Demi
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 150
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 900
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.00111
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 150
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 1200
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.00083
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00063
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Suggested"  settings for PDF Specification 4.0)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


